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BOX 2.1 Where Firms Hire: AI and the Reshaping of Global Value Chains 

Artificial intelligence (AI) is already reshaping firms and jobs in South Asia. AI adoption has proceeded rapidly 
since the release of ChatGPT in November 2022, particularly among affiliates of multinational companies. At the 
same time, higher AI exposure has been associated with slower hiring: an interquartile-range increase in AI exposure 
has been associated with a 1.5 percent decline in job postings on average, and  with declines of about twice that size 
for multinational affiliates. Some of these declines appear to be related to spillovers from AI adoption by foreign 
firms: South Asian firms supplying goods and services to more AI-exposed foreign firms have experienced slower 
hiring. Value chain upgrading, underpinned by faster AI adoption and skills development, will be critical for firms 
to remain competitive in the age of AI. 

Introduction 

Emerging effects of AI in South Asia. The latest 
wave of AI technologies—Generative AI 
(GenAI), which can interpret human prompts 
and produce content across multiple formats—
has the potential to raise productivity 
considerably by augmenting human labor in 
higher-value tasks while automating more 
routine, lower-value tasks.a Its effects are already 
visible in South Asia, particularly in the business 
process outsourcing (BPO) and information and 
communications technology (ICT) sectors, 
which constitute an above-average share of South 
Asia’s exports (figure B2.1.1; Liu 2024). Early 
evidence suggests that firms in these sectors are 
experiencing productivity gains along with 
greater AI. Exports continue to grow steadily 
even as hiring has slowed following the 
introduction of GenAI. In parallel, the demand 
for AI-related competencies in South Asian firms 
has increased, with positions requiring these 
skills commanding a wage premium of nearly 30 
percent (World Bank 2025a).  

Reshoring of AI-exposed activities. Global Value 
Chains (GVCs) may amplify the effect of AI on 
South Asian firms in export-oriented sectors. AI 
adoption rates, investment levels, and new 
company formation are substantially higher in 
the primary GVC export destinations of South 
Asia than in South Asia itself (figure B2.1.2). 
South Asian exporters in sectors in which AI can 
readily substitute for labor face demand erosion 
if their foreign buyers deploy AI to reshore 
business functions that were previously sourced 
through imports. For example, firms in the BPO 
sector might experience falling demand for lower
-value tasks that are automatable, such as 
software development, customer support, 
accounting, web development, and payroll 
processing (Webb 2020). Such reshoring of 
activities (although not necessarily jobs) from 
emerging markets and developing economies 
(EMDEs) back to advanced economies occurred 
during the last major automation wave. This 
wave was driven by the adoption of industrial 
robots in advanced economies (Faber 2020; 
Kugler et al. 2020; Krenz, Prettner, and Strulik 
2021). However, this time the effect might be 
different because GenAI is relevant to a wider 
range of tasks—including high-skilled cognitive 
work—than are industrial robots, which 
primarily automate physical and routine manual 
tasks (Webb 2020). 

Positive GVC spillovers from foreign AI 
adoption.  At the same time, South Asian firms 

Note: This box was prepared by Jonah M. Rexer and Siddharth 
Sharma.  

a Prominent examples of GenAI include OpenAI’s ChatGPT, 
Anthropic’s Claude, X’s Grok, Google’s Gemini, Microsoft’s Copilot, 
and DeepSeek. Highly AI-exposed occupations with low 
complementarity—comprising routine jobs such as call center agents, 
secretaries, and digital application programmers—tend to have lower 
complementarity. High-complementarity, high-exposure jobs instead 
often involve interpersonal interaction, responsibility, and expert 
judgment—such as managers, business consultants, and other 
professional service providers, doctors, teachers, and lawyers (World Bank 
2025a).  
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stand to benefit if AI-driven productivity gains 
among foreign GVC buyers increase their 
demand for high-value goods and services that 
cannot be easily automated by AI. For example, 
stronger productivity and investment due to AI 
adoption in major economies could support 
global demand for high-quality professional 
services exports from South Asia. Evidence 
suggests that, in an earlier wave of automation, 
robot adoption in advanced economies increased 
total imports into those economies—even 
though it also resulted in some job reshoring 
(Artuc, Bastos, and Rijkers 2023; Cilekoglu, 
Moreno, and Ramos 2024). High AI penetration 
in foreign GVC partners may also generate 
positive knowledge spillovers for South Asian 
firms, given past evidence that exporting 
promotes technological upgrading in EMDE 
firms (Verhoogen 2023; World Bank 2020).  

Questions. Uis box examines the following 
questions: 

• Are the effects of GenAI on hiring in South 
Asian firms more pronounced among GVC-
integrated firms?  

• Are GVC-integrated firms in South Asia 
experiencing spillovers from foreign AI 
adoption?  

Contribution to the literature.  Uis box 
contributes to the literature on the effects of 
automation in advanced economies on firms and 
jobs in EMDEs. It is one of the first studies to 
examine cross-border spillovers that involve 
GenAI-led automation. With the exception of 
Betai and Chen (2025), who examine the effects 
of AI-led automation on online job platforms, 
earlier studies have focused on industrial robots 

BOX 2.1 Where Firms Hire: AI and the Reshaping of Global Value Chains (continued) 

FIGURE B2.1.1 Exports and AI impacts in ICT and BPO sectors  

South Asia has above-average export dependence on information and communications technology (ICT) and business 

process outsourcing (BPO) services. In India, the sector has experienced strong export performance following the 

introduction of GenAI, even as hiring and wages have fallen.  

Sources: Felten, Raj, and Seamans (2023); Lightcast (database); Pizzinelli et al. (2023); Reserve Bank of India; WDI (database); World Bank. 

Note: BPO = business process outsourcing; ICT = information and communications technology. 

A. Bars show the ICT sector exports relative to total exports. Pink areas indicate the interquartile range for other EMDEs, weighted by population. 

B. Lines show indexed values of technology services exports and total exports (2022Q3 = 100) in India from 2020Q2 to 2025Q3, with 2022Q3 marking the quarter 

before the release of ChatGPT. 

C. Bars show coefficients from occupation-month regressions of the log of job postings and the log of wages on the interaction between post-ChatGPT and a business 

services occupation indicator, conditional on occupation and month fixed effects. Gold whiskers represent 95 percent confidence intervals, with standard errors clustered 

at the occupation level. Estimates are from World Bank (2025a). 

A. ICT and BPO service exports as 
percent of total exports 

C. Impact of ChatGPT on BPO jobs and 
wages 
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BOX 2.1 Where Firms Hire: AI and the Reshaping of Global Value Chains  (continued) 

and the reshoring of manufacturing activities. 
Ueir relevance to the current wave of AI-led 
automation is limited because, unlike robots, AI 
technologies have mainly affected service sector 
jobs in advanced economies (Bonfiglioli et al. 
2025). Ue findings in this box also contribute to 
research on the effects of AI in EMDEs, 
extending the work presented in a World Bank 
report (2025a) by examining firm-level hiring 
responses and trade-related effects of AI 
(Goldfarb and Trefler 2018).  

Main Findings. Several findings emerge from 
this study. 

First, historical experience with industrial robots 
suggests that advanced-economy automation can 
displace EMDE jobs through reshoring of 
automatable tasks. However, productivity gains 
in adopting firms can partly offset these job 
losses by raising overall demand for inputs. Ue 

net employment effect depends on the balance 
between these opposing forces. 

Second, the introduction of GenAI has increased 
AI adoption and slowed hiring among South 
Asian firms, especially among multinational 
affiliates. An interquartile-range increase (from 
the 25th to the 75th percentile) in AI exposure is 
associated with a 1.5 percent decline in job 
postings among South Asian firms on average, 
with the impact being about twice as much 
among multinational affiliates. Ue larger effects 
among multinational affiliates may reflect both 
higher exposure to reshoring and higher returns 
from AI adoption.  

Uird, South Asian firms are upskilling in 
response to GenAI—that is, they are posting jobs 
that, on average, are less exposed and more 
complementary to AI.  

FIGURE B2.1.2 AI adoption among South Asia’s trading partners  

South Asia’s major global value chain (GVC) export destinations, particularly for professional services, are rapidly investing in 

AI development and adopting AI technology at an above-average rate. 

Sources: Anthropic Economic Index database (2025–26), Anthropic; FactSet database (2003–25); Maslej et al. (2025); World Bank. 

Note: AI = artificial intelligence; avg = average; BPO = business process outsourcing; GVC = global value chain; Mfg = manufacturing; Prof. srv. = professional services. 

A. Bars show country-level average usage of Anthropic’s Claude AI models per 100,000 people. Each bar restricts the sample to the top 10 GVC trading partners in 

professional services, manufacturing, or other sectors. All averages are  weighted by working-age population (aged 16 to 64). The top trading partners are shown in 

annex tables B2.1.2–3. 

B. Each bar restricts the sample to the top 10 GVC trading partners in professional services, manufacturing, or other sectors. All averages are weighted by the working-

age population. 

C. The vertical axis represents the foreign country’s share in the total number of GVC buyers of South Asian professional services firms, in logs. The horizontal axis 

represents the (log) Anthropic adoption rate per 100,000 working-age people in that country. The sample comprises all trading partners, such that each point represents 

a country, with GVC connections to South Asian firms. The country-level scatterplot is binned at 20 quantiles of the distribution of the independent variable. Linear fit is 

estimated on the underlying data.  

A. Average AI use for South Asia’s top 
GVC export destinations by sector 

C. AI adoption and GVC buyer share for 
South Asia’s GVC export destinations in 
professional services 
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b  The analysis distinguishes between affiliates of multinationals, GVC 
suppliers, and purely local firms. Multinational affiliation is determined 
on the basis of ownership, while GVC status is based on contractual 
relations.  

BOX 2.1 Where Firms Hire: AI and the Reshaping of Global Value Chains  (continued) 

Fourth, South Asian GVC suppliers whose 
foreign buyers had higher AI exposure prior to 
the introduction of ChatGPT have experienced 
significantly slower hiring after the introduction 
of ChatGPT.  

Fifth, policies could help South Asian firms 
adapt by investing in foundational 
infrastructure—internet connectivity, reliable 
electricity, and expanded access to technical 
education—so that firms and workers are 
equipped to adopt AI. It may also involve 
supporting AI-exposed sectors through “first-
choice” industrial policy tools that provide 
public inputs that can be underprovided by 
markets, such as skills development programs 
and market access assistance schemes.  

Data and methodology. Uis box combines 
occupational, firm-level, and international data 
to examine how exposure to AI shapes labor 
demand and firms’ behavior in South Asia, both 

directly and through GVCs. Occupational AI 
exposure is measured using task-based indices 
from Felten, Raj, and Seamans (2021; 2023), 
complemented by human-AI complementarity 
measures from Pizzinelli et al. (2023). Firm-level 
labor demand is captured through roughly 25 
million online job postings from Lightcast, 
covering 437,300 unique firms in South Asia 
between 2020 and 2025. Uese postings are 
merged at the firm level with GVC data from 
FactSet, which identify buyer, supplier, and 
partnership relationships between South Asian 
and foreign firms, using a fuzzy name-matching 
algorithm. Ue resulting monthly panel links 
firms’ hiring activity in South Asia to their 
participation in GVCs and the AI exposure of 
their foreign partners.b Ue empirical analysis 

FIGURE B2.1.3 Impacts of GenAI on AI adoption 

Jobs posted by multinational affiliates operating in South Asia tend to be more exposed to AI and less complementary with it. 

As a result, multinational affiliates are adopting AI more rapidly than local firms following the introduction of GenAI. 

Sources: FactSet database (2003–25); Felten, Raj, and Seamans (2023); Lightcast database (2020–25); Pizzinelli et al. (2023); World Bank. 

Note: MNC = multinational company; MNC affiliates are defined as multinational firms headquartered outside of South Asia but operating foreign affiliates within South 

Asia. Local firms are those headquartered in South Asia without any foreign buyers, while GVC suppliers are firms with international buyers before the release of 

ChatGPT. AI adoption is measured as the share of job postings requiring AI skills. 

A. Chart shows average AI exposure and complementarity of job postings by firm type. Exposure metrics are calculated for all vacancies posted prior to the release of 

ChatGPT from November 2020 to November 2022.  

B. Chart shows the share of total job postings that require AI skills by firm type. Vertical line indicates the release of ChatGPT in November 2022. 

C. Chart shows the coefficients from a firm-level regression of the share of job postings requiring AI skills on the average AI exposure of pre-ChatGPT job postings, 

interacted with a post-ChatGPT indicator, controlling for firm and month fixed effects (annex table B2.1.6). Yellow whiskers show a 95 percent confidence intervals.  
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BOX 2.1 Where Firms Hire: AI and the Reshaping of Global Value Chains  (continued) 

estimates, in a difference-in-differences 
approach, how firms’ pre-existing exposure to AI 
shapes labor demand, skill composition, and 
participation in GVCs using the monthly firm-
level job postings data.  To identify the effect of 
GenAI, all regressions relate changes in firm 
outcomes after the introduction of ChatGPT, 
the first major GenAI product, to measures of 
pre-ChatGPT AI exposure and include firm and 
month fixed effects (details in annexes B2.1.2 
and B2.1.3).c  

Impact of automation: Historical 

experience 

Although “this time may be different,” the 
closest historical precedent of AI adoption to 
automate service activities is the adoption of 
industrial robots to automate goods production. 
Historical experience with industrial robots 
suggests that advanced-economy automation can 
displace EMDE jobs by reshoring automatable 
tasks. However, productivity gains in adopting 
firms can counteract these losses by boosting 
overall demand for imported inputs—with the 
net effect depending on the balance between 
these opposing forces. 

E�ects of advanced-economy automation on 
EMDE labor markets. Ue introduction of 
industrial robots sparked research into the effects 
of the automation of production in advanced 
economies on EMDEs (annex B2.1.1). One 
branch of the literature estimates the effect of 
robot adoption in advanced economies on 
EMDE employment using shift-share 
instrumental variables approaches, Uese 
approaches exploit pre-existing differences in 
exposure to robotization across EMDE local 

labor markets. Uese studies generally find that 
robot adoption in advanced economies caused 
job losses in EMDE locations with high exposure 
to automation. For instance, U.S. robot adoption 
during 2011–16 is estimated to have caused 
63,000 to 100,000 cumulative job losses in 
Colombia (Kugler et al. 2020). It also had 
similarly negative effects on employment and 
exports in exposed Mexican and Brazilian 
locations (Artuc, Christiaensen, and Winkler 
2019; Faber 2020; Stemmler 2023). Uese 
findings are consistent with automation-driven 
reshoring of automatable tasks. 

Evidence of reshoring in advanced-economy 
industries and labor markets. A related literature 
explores reshoring from the perspective of 
advanced-economy firms and labor markets. 
Bonfiglioli et al. (2022) find that robot 
automation reduces offshoring of business 
functions from the United States, while Krenz, 
Prettner, and Strulik (2021) estimate that an 
increase of one robot per 1,000 workers is 
associated with a 2.5 percent rise in reshoring 
activity within the manufacturing sector. In 
contrast, Artuc, Bastos, and Rijkers (2023) find 
that greater robot intensity in advanced-economy 
industries increases both imports from and 
exports to EMDEs, and Cilekoglu, Moreno, and 
Ramos (2024) report that robots raised 
intermediate input purchases from foreign 
suppliers among Spanish firms. Uese contrasting 
findings may be reconciled by distinguishing 
substitution effects—which reduce demand for 
labor-intensive, routine inputs that can be 
automated—from scale effects, whereby 
automation-driven productivity gains raise 
overall input demand (Artuc, Bastos, and Rijkers 
2023; Stapleton and Webb 2020). 

Productivity e�ects of automation on advanced-
economy -rms. Ue hypothesized scale effects 
depend on robots increasing productivity and 

c  The launch of ChatGPT in November 2022 is widely used as the 
“exogenous” cutoff date in event studies of the impact of GenAI This 
timing reflects that it was the first major demonstration of a GenAI 
model and was followed by a rapid acceleration in its adoption.   
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BOX 2.1 Where Firms Hire: AI and the Reshaping of Global Value Chains  (continued) 

output in adopting firms in advanced economies. 
Several studies confirm sizable positive effects, 
using exogenous variation in robot adoption 
costs as instruments to address reverse causation 
(for example, Bonfiglioli et al. 2024; DeStefano 
and Timmis 2024; Graetz and Michaels 2018). 
Robot adoption by Spanish firms is estimated to 
have raised total factor productivity, expanding 
output by 20–25 percent (Koch, Manuylov, and 
Smolka 2021). Across 17 countries, robot usage 
contributed about 0.36 percentage points to 
annual labor productivity growth (Graetz and 
Michaels 2018). Robots have also increased 
product quality and GVC participation in both 
advanced economies and EMDEs (DeStefano 
and Timmis 2024; Fontagné et al. 2024; Xie, 
Guo, and Chen 2025; Zhang, Chen, and Wei 
2025). Overall, the evidence on productivity and 
output impacts is consistent with robots 
generating positive scale effects on import 
demand in adopting firms.  

Impact of automation: GenAI  

South Asian firms with greater pre-ChatGPT AI 
exposure have adopted AI faster, while reducing 
overall hiring. Uese effects are largest among 
multinational affiliates. Uey have also shifted 
hiring toward fewer AI-exposed and more AI-
complementary roles. South Asian GVC 
suppliers whose foreign buyers had higher pre-
ChatGPT AI exposure have experienced a 
greater reduction in hiring, indicating a decline 
in foreign demand for automatable business 
functions.   

AI adoption. Multinational affiliates and GVC 
supplier firms account for nearly 8 percent of all 
jobs posted by South Asian firms during the 
study period. Prior to the introduction of 
ChatGPT, jobs posted by multinational affiliates 
and GVC suppliers were more exposed to AI 
than jobs posted by purely local firms. Uis 
suggests that the tasks that foreign firms have 

been offshoring to their South Asian affiliates or 
GVC partners were particularly AI-exposed 
(figure B2.1.3). Multinational affiliates have been 
leading AI adoption—as measured by the share 
of job postings requiring AI skills—with the gap 
relative to local firms rising over time. Uis may 
reflect the gap in AI penetration between 
advanced economies and EMDEs. Higher AI 
exposure before the release of ChatGPT has been 
associated with a significantly higher increase in 
AI adoption post-release, with the strongest 
increase among multinational affiliates.   

Hiring slowdown. Higher ChatGPT AI 
exposure has been associated with greater 
reductions in overall hiring post-ChatGPT 
(figure B2.1.4). Uis effect has been more 
pronounced among more internationally 
connected firms: job postings have declined by 
about 3.2 percent for multinational affiliates, 1.5 
percent for GVC suppliers, and 1.1 percent for 
purely local firms.  Uese differences are 
consistent with two mechanisms. First, they may 
reflect in-house labor substitution due to more 
intensive adoption of AI among internationally 
connected firms.d Second, they may reflect 
demand displacement operating more strongly 
for firms with greater flexibility to relocate 
production across borders. 

Skill upgrading. Following the introduction of 
ChatGPT, firms with higher pre-existing AI 
exposure have shifted hiring toward job functions 
that are less exposed to AI substitution and offer 
more complementary roles (figure B2.1.4). Uese 
adjustments are observed across all firm types but 
are substantially larger for GVC suppliers and 
local firms than for multinational affiliates. Uis 

d  The estimated average impact of Gen AI on hiring (minus 1.5 
percent) translates into a loss of 200,000 job openings between 
November 2022 (the introduction of GenAI) and March 2025 (the last 
month in the dataset).  This projection is based on the fact that there 
were 13 million job openings observed during this period, and assumes 
that GenAI only affected firms in the top quartile of AI exposure (which 
account for about 11 percent of job openings in SAR).  
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BOX 2.1 Where Firms Hire: AI and the Reshaping of Global Value Chains  (continued) 

pattern is consistent with firms upgrading skill 
demand as AI adoption progresses, with 
complementary skills becoming more valuable 
and exposed tasks increasingly substitutable. Ue 
more muted skill upgrading observed among 
multinational affiliates may reflect their ability to 
reshore higher skill, complementary functions to 
headquarters or other locations outside South 
Asia.  

Cross-border spillovers from AI exposure 
abroad. To capture how foreign AI adoption 
affects South Asian firms, the analysis focused on 
GVC suppliers and measured their buyer-side AI 
exposure—the average pre-ChatGPT AI 
exposure of their foreign buyers—where higher 
exposure implies stronger partner incentives to 
adopt AI and, consequently, greater negative 
demand spillovers. Uere is a clear negative 
employment spillover associated with foreign 
buyers’ exposure to AI: an interquartile range 

increase in buyers’ AI exposure has reduced 
hiring by 10 percent (figure B2.1.5).  

Cross-border spillover, combined with own AI 
exposure. Uis spillover has been larger for 
suppliers whose own AI complementarity is 
lower: an interquartile range increase in buyers’ 
AI exposure has reduced hiring by 12 percent 
among low-complementarity suppliers, but has 
not had a statistically significant effect among 
high-complementarity ones. Moreover, the 
negative spillover from buyer exposure is 
concentrated entirely among GVC suppliers in 
highly exposed product categories (figure 
B2.1.5). Uese patterns are consistent with an 
automation-driven reduction in foreign demand 
for low-complementarity services such as basic 
ICT support, customer services, or other routine 
business functions. Notably, there has been no 
corresponding increase in AI adoption by GVC 
suppliers connected to highly exposed buyers, 

FIGURE B2.1.4 Impacts of GenAI on hiring  

Greater AI exposure leads firms to reduce hiring and change their skill composition toward less-exposed and more-

complementary roles. Job losses have been most pronounced for multinational affiliates, while changes in skill composition 

has been the main response among local firms.  

Sources: FactSet (database); Felten, Raj, and Seamans (2023); Lightcast (database); Pizzinelli et al. (2023); World Bank.  

Note: Panels show coefficients and 95 percent confidence intervals, shown as yellow whiskers, from a firm-level regression of the outcome on the average AI exposure 

of pre-ChatGPT job postings, interacted with a post-ChatGPT indicator, controlling for firm and month fixed effects (annex table B2.1.6). Multinational (MNC) affiliates 

are defined as multinational firms headquartered outside of South Asia but operating foreign affiliates within South Asia. Local firms are those headquartered in South 

Asia without any foreign buyers, while GVC suppliers are firms with international buyers before the release of ChatGPT. Jobs (A) is defined as the log of total job 

postings. Outcome variables in (B) and (C) are defined as the average AI exposure and complementarity of posted jobs. Sample includes 196,202 firms with pre-

ChatGPT hiring data, split by firm type. Standard errors are clustered at the firm level. Coefficients are scaled to correspond to a change in the interquartile range of AI 

exposure.  
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FIGURE B2.1.5 GVC spillover effects of AI adoption  

Hiring growth has been slowest in South Asian GVC suppliers whose workforce was itself more susceptible to substitution by 

AI and who had more highly exposed foreign buyers.  

Sources: FactSet (database); Felten, Raj, and Seamans (2023); Lightcast (database); Pizzinelli et al. (2023); Speedtest Global Index; WDI (database); World Bank. 

Note: GVC suppliers are firms with international buyers before the release of ChatGPT. 

A. Bars show coefficients and 95 percent confidence intervals, shown as yellow whiskers, from a firm-level regression of log job postings on the average AI exposure of 

firms’ international buyers before the introduction of ChatGPT, interacted with a post-ChatGPT indicator, controlling for firm and month fixed effects. Regression also 

controls for firms’ own pre-ChatGPT AI exposure interacted with a post-GPT indicator. Standard errors are clustered at the firm level. Sample is 1,824 GVC suppliers 

with international buyers before ChatGPT, split into those above and below the median of pre-ChatGPT firm-level complementarity (annex tables B2.1.7–8). Coefficients 

are scaled to correspond to a change in the interquartile range of AI exposure. 

B.C. Outcome variable is the log difference in the total number of jobs posted by a firm before and after the introduction of ChatGPT in November 2022. Buyer exposure 

measures the average AI exposure of a firm’s international buyers before ChatGPT. Panels show binned scatterplot at 20 quantiles of the distribution of buyer exposure, 

with a linear fit estimated on the underlying data. Sample is 1824 GVC suppliers with international buyers before ChatGPT, split into those below (B) and above (C) the 

median pre-ChatGPT firm-level AI exposure. Regression results are in annex table B2.1.9.  
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suggesting that the observed employment effects 
are unlikely to reflect AI technology transfer 
from buyers to suppliers (figure B2.1.5; annex 
table B2.1.7). Finally, the negative effect of 
buyer exposure on hiring does not differ 
significantly across GVC suppliers in the services 
and manufacturing sectors, suggesting that 
negative demand spillovers are not specific to 
services exports (annex table B2.1.10).  

Conclusion 

GVC upgrading. Rapid AI adoption in advanced 
economies is disrupting GVCs in which South 
Asian firms participate, as foreign buyers 
automate tasks previously outsourced to the 
region. However, this disruption also creates 
opportunities for South Asian firms to upgrade 
into higher-value GVC activities that 

complement rather than compete with AI. 
Global demand for such activities may itself 
expand as AI-driven productivity gains fuel 
investment and growth in advanced economies. 
Upgrading hinges on two factors: South Asian 
firms themselves adopting AI, and workers 
acquiring the skills needed to perform more  
sophisticated tasks. By raising productivity and 
enabling more sophisticated outputs, AI 
adoption can help firms move up the value chain 
and remain competitive as lower-skill tasks are 
automated—but only if workers are equipped to 
take on higher-value roles. For example, South 
Asian BPO firms facing automation of routine 
services such as payroll processing can transition 
into Knowledge Process Outsourcing (KPO), 
delivering higher-quality analytical and advisory 
services such as legal research or engineering 
design. AI is complementary to such 
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sophisticated knowledge processing activities, 
making both its adoption and workforce 
upskilling essential for firms seeking to compete 
in the KPO sector. Experience from past 
automation waves suggests that such product 
upgrading can allow GVC suppliers to thrive 
amid technological disruption. 

Policies to support GVC upgrading in the age 
of AI. South Asian governments can facilitate 
adaptation to AI through policies that ensure 
access to fast and reliable internet and electricity, 
and strengthen science, technology, engineering, 
and mathematics (STEM) skills (World Bank 
2025a). Uese broad-based policies will help 
firms adopt AI and equip workers for higher-
value, AI-complementary roles. Governments  

could also consider targeted support to the most 
AI-exposed, export-oriented sectors, focusing on 
two types of public inputs tailored to these 
sectors and at risk of being underprovided by 
markets: skills development programs and 
market access assistance schemes. For example, 
they could explore comprehensive sectoral 
retraining schemes, learning from programs with 
strong community and private sector links, 
which have shown promise in advanced 
economies (Katz et al. 2022). Successful 
implementation of these industrial policy tools 
hinges on government bandwidth—or capacity 
to interact with many businesses and industries 
to ensure that the public input being provided is 
market-relevant (Fernandes and Reed 2026). 

new protective industrial policies 
implemented each year by South Asian 
countries was more than twice the number of 
the average EMDE and was the second-
highest across EMDE regions. India drove 
most of the increase, with the average number 
of new protective measures implemented each 
year increasing from 125 to 240, placing it 
among the world’s top 10 countries by policy 
counts and third among EMDEs (after China 
and Brazil). Among other South Asian 
countries, Nepal doubled and Bangladesh 
quadrupled their new protective policy 
measures, while Sri Lanka reduced new policy 
measures in the later period. 

Policy instruments: Public procurement 
growing, especially in India. Between 2016–
19 and 2022–25, the average South Asian 
country increased the share of public 
procurement policies (figure 2.3). Public 
procurement policies, including procurement 
preference margins (the difference between the 
cost of producing an item and its sales price) 

Features of South Asia’s 
industrial policies 

Compared with other EMDEs, countries in 
South Asia are more likely to use procurement 
measures (India) and trade instruments 
(elsewhere in the region), and less likely to use 
subsidies as industrial policy measures. Half of 
South Asia’s policies are aimed at 
manufacturing, 15 percent (twice the share of 
other EMDEs) at utilities and construction, and 
a growing share at services. Across non-
agricultural sectors, those least protected by 
industrial policy measures (mostly service sectors) 
have been the source of South Asia’s job creation, 
while within manufacturing, sectors more 
targeted by industrial policies have contributed 
more to employment growth.  

Number of policies: Gathering pace. Between 
2016–19 and 2022–25, South Asian countries 
on average doubled the number of new 
industrial policies (figure 2.1). Ue number of 
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