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Mobility restrictions due to 
COVID-19 hindered traditional 

data collection (face-to-face 
interviews) when information 

was needed the most



Questionnaire

Cost 

Target group ❑ Designed to be nationally (and urban and rural) representative

Coverage

❑ Average US$40,000/wave

❑ Global standard questionnaire developed by the Questionnaire 
Working Group in the World Bank based on inputs from several 
Global Practices

❑ Each country team adjusted their questionnaire in response to 
the country specific needs

Data collection ❑ World Bank (Poverty and Equity GP and Development Economics 
Group), National Statistics Offices, WFP, etc.

❑ 83+ countries

Frequency ❑ 2 to 11 times since March 2020

Key characteristics of COVID-19 High-Frequency Phone Surveys



❑ Questionnaires are not identical to all 
countries and thus some results are not 
directly comparable across countries

❑ Global harmonization of indicators was 
done by regional and global teams in the 
Poverty GP (see slides 45 – 49) and with 
generous support from donors through 
TFs (see slide 44)

❑ To facilitate the use of globally 
comparable indicators, the COVID-19 
dashboard was created

https://www.worldbank.org/en/data/interactive/2020/11/11/covid-19-high-frequency-monitoring-dashboard?deliveryName=FCP_7_DM116662




"Has this source of household 
income changed since last 12 
months?" : Assistance from 
other non-family individuals

1 = Increased
2 = Stayed the same 
3 = Decreased
4 = Not received
9 = Do not know

"Are there hungry adults in 
the HH who went w/o eating 
for a whole day because of 
lack of money or resources in 
period of reference?“

Yes = 1 
No = 0

"Have children in the HH 
engaged in this 
learning/education service
since school closures?": 
Completed assignments 
provided by the teacher

Yes = 1 
No = 0



• countries 

• 297 survey waves

• 155 indicators

• Data in dashboard can 
be downloaded

• Raw survey data 
publicly available for 
31 countries in WBG 
Microdata Library

Source: COVID-19 Household Monitoring Dashboard, 2022.

https://microdata.worldbank.org/index.php/catalog/hfps
https://www.worldbank.org/en/data/interactive/2020/11/11/covid-19-high-frequency-monitoring-dashboard?deliveryName=FCP_7_DM116662
https://www.worldbank.org/en/data/interactive/2020/11/11/covid-19-high-frequency-monitoring-dashboard?deliveryName=FCP_7_DM116662




• new countries 

• 53 new survey waves expected to be added to 
the dashboard by July 2022*

* Note there is a lag between completion of surveys  and publications in 
the dashboard



Vaccine access and distribution
• Have been vaccinated for COVID-19
• Know how to get vaccinated for COVID-19

• Digital access

• Disaggregation by Refugee 
and IDP populations 

• Additional education 
monitoring and vaccination 
indicators

If you have any requests to add or modify indicators, please contact COVID Questionnaire Working Group (COVID_Questionnaire_Group@worldbank.org) or regional and global teams (see slides 28 – 31)

Education monitoring after reopening of school
• Selected child attended face-to-face classes (% child 

whose school provides face-to-face classes)

Social assistance
• Received government assistance after losing 

job/receiving less labor income (% of respondents 
stopped working or receiving less labor income)

Coming soon

Social media survey - vaccination 
• Collecting data via Facebook and other social media –

mainly on vaccination related info*



❑ The dashboard includes many useful 
features

❑ Downloading data

❑ How to use the dashboard (recording of 
webinar and presentations)

❑ What’s new

❑ Overview/crosstab/trends/scatterplot

❑ Subscription to newsletter

❑ Sending your feedback

https://www.worldbank.org/en/data/interactive/2020/11/11/covid-19-high-frequency-monitoring-dashboard?deliveryName=FCP_7_DM116662
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• Since May 2020, 11 Developing East Asia 
and the Pacific (EAP) countries have 
conducted 40 rounds of High-Frequency 
Phone Surveys (HFPS) to monitor the 
socioeconomic impacts of the pandemic

• HFPS covered wide range of topics and key 
indicators were harmonized for the global 
dashboard

• Individual-level: employment, 
vaccination

• Household-level: income, food 
insecurity, access to services, coping 
mechanisms, social protection, etc.

• For the regional analysis, welfare measure / 
indicators were included either from the 
baseline pre-COVID survey or proxy means 



EAP COVID-19 HH SURVEY 
HARMONIZATION 

(GLOBAL, REGIONAL)1

HARMONIZED 40 HIGH FREQUENCY SURVEYS  
FROM 11 EAP COUNTRIES FOR GLOBAL AND 

REGIONAL MONITORING OF COVID-19 
HOUSEHOLD IMPACTS

FINDINGS FROM SURVEYS

WORKING PAPERS AND BLOG TO DISSEMINATE 
FINDINGS OF THE LATEST EAP HF SURVEYS AND 

DISTRIBUTIONAL ANALYSIS TO REACH OUT A 
MORE EXTENSIVE AUDIENCE

EAP ECONOMIC UPDATE
(REGIONAL FLAGSHIP REPORT)

INCORPORATE ANALYSIS OF THE LATEST COVID-19 
IMPACTS ON POVERTY AND INEQUALITY INTO EAP 

ECONOMIC UPDATE 

(JOINT-WORK, CO-FINANCED WITH CHIEF 
ECONOMIST OFFICE)

Note: 1. Global harmonization work initiative was led by global Data for Goals (D4G) team

• Using HFPS data, EAP STATS team has conducted monitoring and analyzing the COVID-19 
pandemic impacts on households through multiple channels :



How have the pandemic and mobility restrictions affected employment for workers 

across welfare distribution in EAP?



Note: Each point represents a country-round. The average of the mobility indx is calculated for each country-round.

Distributional impacts on 
employment, measured by 
work stoppage

• When mobility is low, 
there is no significant 
difference in work 
stoppages between the 
top 20 and bottom 20

• When mobility 
restrictions were relaxed 
(higher mobility), work 
stoppages were higher 
among poorer workers

TOP 20/BOTTOM 20 WORK STOPPAGES & MOBILITY

Relatively normal 
(higher) mobility

More stringent 
(lower) mobility 

Higher work stoppage 
among Bottom 20

Higher work stoppage 
among Top 20

Levels of work stoppage are 
same between Top 20 & 

Bottom 20

Note: Work stoppage was defined as share of respondents working pre-pandemic who were not working in the week preceding the survey
Each point in the figure represents a country-round. The average of the mobility index is calculated for each country-round. 
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• To cope with pandemic-induced labor income shocks, 
poorer households have been more likely to sell 
assets or increase debt, while wealthier households 
have been more able to rely on savings

• Poorer households were significantly more likely to 
be food insecure

Note: Pooled values. Food insecurity is defined as the share of households that reported that they had run out of food, went hungry, or were hungry but did not eat due to a lack of money or resources in the 
past 30 days. 

Coping strategies employed by households Share of households in food insecurity



World Bank Blogs
• Five threats to equitable and inclusive recovery from COVID-19: 

Evidence from East Asia and Pacific (January, 2022)

• How hard are families hit by the COVID-19 crisis? Six insights from our 
household surveys in East Asia and Pacific (November, 2020)

Working Paper 
• Kim et al., (2021). Inequality under COVID-19 : Taking Stock of High-

Frequency Data for East Asia and the Pacific. Policy Research working 
paper, no. WPS 9859, Washington, D.C. : World Bank Group
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● To what extent are cross-country 
variations in food insecurity associated 
with variations in COVID-19 impact, GDP 
per capita and urbanization rates?

● How effective were government food aid 
programs in reducing food insecurity?

Hypothesis

● COVID-19 shock affects lockdown 
policies, household income, and government 

responses, which impacts food security



Variables and Methodology

• 4 Food Security Indicators
• 4 Income Indicators (total, wage, farm, non-farm)
• 3 Government Assistance Indicators

• 5 OLS regressions to breakdown the channels of impact of Covid-19 shock on 
food security

• Measured along Covid-19 case rates from WHO Coronavirus Dashboard
• Cases per 100,000
• Case-fatality ratio

• Controls (urbanization, GDP Per Capita, and food imports) from World 
Development Reports

• Organized in country-month format to assess chronological trends

Click to add text



• Increased Covid-19 shock, increased household income loss
• Most significant with wage and non-farm income

• Increased household income loss, increased food insecurity
• Increased Covid-19 shock, increased food insecurity

Ultimately:

• COVID-19 shock, income loss and purchasing power loss are associated with 
food insecurity, but impacts of lockdowns need further research

• Importance of income



● There are many other factors of 
food security such as nutritional 
value and food availability that 
would need to be examined with its 
relationship to COVID-19 impacts

● Broader context of international 
trade, agricultural production, 
education on food consumption all 
affecting food security
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• Previous pre-Covid research shows that children are more likely to be 
disproportionally affected by poverty, both monetary and multidimensional

• The objective of this research is to better understand how COVID-19 Impacted 
households with children in terms of:

o Income loss and labor stoppage
o Food insecurity
o Government and social assistance
o Access to education after school closure



Data

• Primary data source is the HFPS data harmonized by the World Bank
• Research focuses on 35 countries with available information on number of children in 

the household. The 35 countries account for a combined population of 1.2 billion 
people.

Methodology

• The first section focused on the initial impact of the crisis
o Cross-sectional analysis on key indicators across households with no children, few 

children (1-2 children), and many children (3 or more children)

• The second section focused on the evolution of the impact
o Time is organized as number of quarters after the peak month of Covid, according 

to Oxford’s Stringency Index
o Conduct robustness checks by controlling for predetermined welfare proxies







• Households with many children are 
more likely to be targeted for 
government assistances and social 
assistances

• Access to education is limited after 
school closure (53% for any 
educational activities for all 
households with children), no 
significant difference between 
groups





David Newhouse, Rachel Swindle, Shun 
Wang, Josh Merfeld, Utz Pape, Kibrom

Tafere, Michael Weber 
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• Covid-19 caused massive economic damage in the summer of 2020
• Many economies still recovering 

• Crisis led to innovations in economic monitoring 
• High frequency phone surveys coordinated by World Bank 
• Increased reliance on “real-time indicators” from big data

• Google community mobility data released 
• Other geospatial data increasingly used 
• Google search data  

• Raises two questions: 
• How informative are real time indicators for predicting different types of household 

welfare outcomes? 
• Which real-time indicators are most informative? 



• Use high frequency phone survey data from 311 admin-1 regions in 20 countries

• Linked with different real time indicators: Google mobility, search, and selected geospatial 
indicators at regional level 

• Use LASSO to select linear models to avoid overfitting to the sample 

• How well do real-time indicators predict?
• Initial impact of crisis in wave 1 of survey across regions 
• Ongoing recovery, using demeaned outcomes and predictors to capture within-region 

variation over time  

• HFPS Data 
• Initial impacts: Up to 311 regions across 20 countries in wave 1 (April to August 2020) 
• Subsequent analysis: Up to 1096 observations across 311 regions and 20 countries, up 

to 9 waves   







• Google search data strong predictor of total income declines 
• In initial wave, search related to food money and jobs most predictive
• Food, exercise and religion strongest predictors across time  

• Google mobility strong predictor of initial work stoppage
• As well as types of income and employment as crisis evolved 



• More difficult to predict income gains than income losses (R2 only 0.06 for total income gains)

• Strong correlation between vegetation and educational engagement / not eating all day

• Strong negative correlation between mobility and meal skipping
• Residential, transport, and grocery/pharmacy mobility negatively correlated with meal skipping 



• Publicly available real-time indicators are predictive! 
• Explain about 35 percent of variation in wave 1 in prevalence of work stoppage and 

employment loss  
• Explain about 20-25% of intertemporal variation within region in prevalence of income 

loss and employment rate 

• Part of the additional predictor power from wave 1 due to correlation with pre-crisis 
characteristics that were themselves correlated with the shock
• Such as pre-crisis welfare of the region  

• No single “magic bullet” indicator
• Need to train a model to aggregate disparate sources of information 
• Variety of google search and mobility are best predictors
• Satellite indicators were less predictive, but set of indicators could be expanded



• This information is publicly available, is a candidate for use as a partially accurate welfare 
tracker in countries lacking phone surveys. 
• Can provide region-specific estimates 
• Future work could estimate a model for poverty (after face-to-face surveys resume) 

and compare accuracy with GDP/poverty projections
• Additional real-time indicators could improve performance

• Could consider implementing a system that consistently updates model to improve 
nowcasting 
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