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Mobility restrictions due to
COVID-19 hindered traditional
data collection (face-to-face ¢

interviews) when information
was needed the most +




Phone surveys resolved limitations of data collection during the pandemic

Key characteristics of COVID-19 High-Frequency Phone Surveys

Target group A Designed to be nationally (and urban and rural) representative

Data collection Q1 World Bank (Poverty and Equity GP and Development Economics
Group), National Statistics Offices, WFP, etc.

Coverage O 83+ countries
Frequency O 2 to 11 times since March 2020
Cost 3 Average US$40,000/wave

Questionnaire U Global standard questionnaire developed by the Questionnaire

Working Group in the World Bank based on inputs from several
Global Practices

O Each country team adjusted their questionnaire in response to
the country specific needs



Global harmonization and creation of dashboard

1 Questionnaires are not identical to all
countries and thus some results are not
directly comparable across countries

[ Global harmonization of indicators was
done by regional and global teams in the
Poverty GP (see slides 45 - 49) and with
generous support from donors through
TFs (see slide 44)

O To facilitate the use of globally
comparable indicators, the COVID-19
dashboard was created

COVvVID-19

DASHBOARD

Learn more about the socioeconomic impacts of COVID-19 on households and individuals in

countries across all developing regions. Downioad the data

This dashboard provides harmonized indicators on 15 topics, allowing users to compare and

analyze how COVID-19 impacts vary across countries, over time and by industry sector and regions. Subscribe to Newsletter
A majority of the data comes from High-Frequency Phone Surveys, while Vaccine Hesitancy indicators

come from Social Media surveys.

For more information on the creation and uses of the dashboard, see our

To learn more about indicator construction and data availability by country, please refer to our
To see which countries are included in the latest data, refer to our
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respondents who know how fo get COVID-18
vaccine.

= Included 8 new education indicators from 24
LAC countries on education access



https://www.worldbank.org/en/data/interactive/2020/11/11/covid-19-high-frequency-monitoring-dashboard?deliveryName=FCP_7_DM116662
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Data Dictionary

Universe of Variable when

# Variable Name Source Module Type Definition-round1 p
B0 totalinc_change Survay Employment/l | Numaric “"Has your Total Household Income changed since the
abaor market * ic startad?” ALL Income sources
such as money received for formal or informal
work, public aid p
ate [Only when the refs
period is pre-pandemic]: All Respandants who received this source of
1= Increased incoma in the last 12 months.
2 = Stayed the same
3 = Decreased
4 = Not received
9 = Do not know
128 acce_fsec_skip Survey Access Numaric During the period of reference, was there a time when:
categorical | You, ar any othar adult in your househald, had to skip
a meal bacause there was not enough maney or ather
resources to get food? All respondents
YES.1
NO..O
148 acce_ad_afler Survey Accass Mumeric "Have children in the HH angaged in ANY leaming/edu
categorical | services since school closures?" All househalds with schoal age chikren who
Yas =1 attended primary or sacondary school before
Mo =0 covid;
160 acce_ed_2 Survay Access Numeric “"Have chiidren in the HH engaged in laming/edu
categorical | services since school closures?”: Used mobile All households with school age children who
learning apps attended primary or secondary school before
Yas=1 covid;
No=0
163 prew_publicasst Survey Coping/social | Numearic "Have you or anyone in your househaold received any
safaly nets C farm of i since last round of
sunvay?" [Only harmanize when the reference perod
far the safety net saction is last round of survey] All raspandents
Yas=1
No=0
168 assi_anysource Survey Coping/social | Mumeric "Have you received assistance, financial or inkind
safety nets * (foad i i for children, etc)
from any source?" [Only harmonize if the reference
periad is pre-pandamic] All raspandants former assi_other variable
Yas=1
No=0
125 acce_fsec_day Survey Access Numearic "Ara there hungry adults in the HH who want wia
categancal | eating for a whale day because of lack of monay or
resources in parod of reference?" All raspondents
Yas=1
No=0
159 sokd_assels Survey Coping/social | Numearic "Have you or anyone in your household sald assets
safaly nets categorical | such as property during the pandemic in order to pay
far basic living expenses?” All raspondents
Yas=1
No=0
183 prew_recd_transfer Survey Coping/social | Numearic "Did the househaold received any form of cash orin-
safaly nets categaoncal | kind transfer since last round of survey?” [Only
hameanize if the reference perod is last round of
All houssholds

survay]
Yas = 1: if publicasst = 1 or assi_anysource = 1
No = 0: atherwise




Samples of globally harmonized indicators

g) Income

il
@ Food Security

"Has this source of household
income changed since last 12
months?" : Assistance from
other non-family individuals

1 = Increased

2 = Stayed the same
3 = Decreased

4 = Not received

9 = Do not know

"Are there hungry adults in
the HH who went w/o eating
for a whole day because of
lack of money or resources in
period of reference?”

Yes =1
No =0

"@I Education

"Have children in the HH
engaged in this
learning/education service
since school closures?":
Completed assignments
provided by the teacher

Yes =1
No=0




Dashboard coverage as of February 2022

e 83 countries

« 297 survey waves
155 indicators

« Datain dashboard can
be downloaded

« Raw survey data
publicly available for
31 countries in
Microdata Library

L~ [ Data in dashboard - New country [ Data in dashboard - No change

[] Data in dashboard - New wave [ ] Survey in progess

Source: COVID-19 Household Monitoring Dashboard, 2022.



https://microdata.worldbank.org/index.php/catalog/hfps
https://www.worldbank.org/en/data/interactive/2020/11/11/covid-19-high-frequency-monitoring-dashboard?deliveryName=FCP_7_DM116662
https://www.worldbank.org/en/data/interactive/2020/11/11/covid-19-high-frequency-monitoring-dashboard?deliveryName=FCP_7_DM116662
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Virus Shrank Global Middle Class
for First Time Since 1990s

By Shawn Donnan
March 18, 2021, 10:00 AM EDT
Updated on March 18, 2021, 6:53 PM EDT

» New studies point to effect on millions in developing world

» More than 150 million fell out of middle-income ranks in 2020

In a separate paper published Monday based on
surveys of 47,000 households in 34 developing
countries with a collective population of almost
1.4 billion people, researchers at the World Bank
found that 36% of households saw job losses last
year and almost two-thirds saw incomes fall.
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Unequal Burdens: The Impact of Shocks
on Household Education Spending
DECEMBER 3, 2020

Alexis Le Nestour, Shelby Carvalho and Ana Luiza Minardi
this year. Early evidence illustrates the scope of this

economic crisis: according to phone surveys from 28
countries in 2020, more than 60 percent of households
have experienced a decrease in their family income.
Poorer countries seem to have been hit harder, with
more than 80 percent of households in Senegal or

Malawi reporting loss of income (see figure 3).

BROOKINGS Q

SERIES:  Africa in Focus Figure of the Week

Imost a year into the COVID-19 pandemic, gaps in data on how the

virus is impacting African citizens both in terms of spread and

household economic impacts remains scant. In an attempt to fill
this gap, the World Bank 2 recently launched a dashboard summarizing
country-level results of high-frequency COVID-19 surveys conducted from
April to August that asked respondents questions on 14 topics, including
employment, food security, health, and others.

Figure of the week: Sub-Saharan Africa shows resilience to the

effects of COVID-19, according to high-frequency phone surveys

Chris Heitzig - Friday, December 11, 2020

ECONOMY - LeTMonde Afrique

Esther Duflo calls for a Marshall plan for
poor countries

The French Nobel Prize for Economics condemns the lack of international
solidarity in the face of the economic and health crisis.

By Julien Bouissol

inhabitants into serious difficulties. According to a large survey

conducted in 28 low and middle income countries, recently
published by the World Bank, 60% of households surveyed said they
had experienced a drop in their wages in 2020. Poor countries were
the most affected, with nearly 80 % of households in Malawi or
Senegal declaring a decrease in their financial resources.
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Covid crisis watch

@ This article is more than 1 month old

Covid crisis is fuelling food price rises
for world's poorest

/1121171
PCEVICE IVIKLTL /LD

Global food prices, as measured by a World Bank
food price index, rose 14% last year. Phone surveys
conducted periodically by the World Bank in 45

countries show significant percentages of people

running out of food or reducing their consumption.




New countries and surveys to be added into the dashboard

Region  Country

EAP Vanuatu
EAP | Micronesia * 11 new countries
Ryrgyz
ECA Republic
ECA | Razakhstan 53 new survey waves expected to be added to

MNA | Yemen the dashboard by July 2022*

MNA Libya

MNA Egypt * Note there is a lag between completion of surveys and publications in
SSA Niger the dashboard

SSA Namibia
SSA | Mauritania
SSA | Cote D'lvoire
SSA | Cabo Verde




New and upcoming indicators

Vaccine access and distribution .
}& « Have been vaccinated for COVID-19 Sl Eeet
 Know how to get vaccinated for COVID-19 o
« Digital access
s~ Education monitoring after reopening of school . .
[M{T° » Selected child attended face-to-face classes (% child » Disaggregation by Refugee
=e whose school provides face-to-face classes) and IDP populations

Social assistance
T272] + Received government assistance after losing
é%i job/receiving less labor income (% of respondents
stopped working or receiving less labor income)

 Additional education
monitoring and vaccination
indicators

Social media survey - vaccination
§® * Collecting data via Facebook and other social media -
mainly on vaccination related info*

If you have any requests to add or modify indicators, please contact COVID Questionnaire Working Group (COVID_Questionnaire_Group@worldbank.org) or regional and global teams (see slides 28 — 31)



Please visit our dashboard

[ The dashboard includes many useful
features

J
J

I N Wy

Downloading data

How to use the dashboard (recording of
webinar and presentations)

What'’s new
Overview/crosstab/trends/scatterplot
Subscription to newsletter

Sending your feedback

COVvVID-19

DASHBOARD

Learn more about the socioeconomic impacts of COVID-19 on households and individuals in
countries across all developing regions.

This dashboard provides harmonized indicators on 15 topics, allowing users to compare and
analyze how COVID-19 impacts vary across countries, over time and by industry sector and regions.
A majority of the data comes from High-Frequency Phone Surveys, while Vaccine Hesitancy indicators
come from Social Media surveys.

For more information on the creation and uses of the dashboard, see our

To learn more about indicator construction and data availability by country, please refer to our
To see which countries are included in the latest data, refer to our

JANUARY 31, 2022

respondents who know how fo get COVID-18
vaccine.
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LAC countries on education access


https://www.worldbank.org/en/data/interactive/2020/11/11/covid-19-high-frequency-monitoring-dashboard?deliveryName=FCP_7_DM116662

Lightning Talk Session:

02 New research using harmonized
household data



Inequality under
COVID-19

Taking stock of high
frequency data for East
Asia and the Pacific

10 February 2022

lkuko Uochi

World Bank



EAP COVID-19 High frequency Phone Surveys

Since May 2020, 11 Developing East Asia
and the Pacific (EAP) countries have
conducted 40 rounds of High-Frequency
Phone Surveys (HFPS) to monitor the
socioeconomic impacts of the pandemic

HFPS covered wide range of topics and key

indicators were harmonized for the global
dashboard

* Individual-level: employment,
vaccination

* Household-level: income, food
insecurity, access to services, coping
mechanisms, social protection, etc.

For the regional analysis, welfare measure /
indicators were included either from the
baseline pre-COVID survey or proxy means

. HFPS administered
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EAP COVID-19 Microdata monitoring

* Using HFPS data, EAP STATS team has conducted monitoring and analyzing the COVID-19
pandemic impacts on households through multiple channels :

FINDINGS FROM SURVEYS

EAP ECONOMIC UPDATE
(REGIONAL FLAGSHIP REPORT)

EAP COVID-19 HH SURVEY
HARMONIZATION
(GLOBAL, REGIONAL)?
HARMONIZED 40 HIGH FREQUENCY SURVEYS
FROM 11 EAP COUNTRIES FOR GLOBAL AND

REGIONAL MONITORING OF COVID-19
HOUSEHOLD IMPACTS

INCORPORATE ANALYSIS OF THE LATEST COVID-19
IMPACTS ON POVERTY AND INEQUALITY INTO EAP
ECONOMIC UPDATE

(JOINT-WORK, CO-FINANCED WITH CHIEF
ECONOMIST OFFICE)

WORKING PAPERS AND BLOG TO DISSEMINATE
FINDINGS OF THE LATEST EAP HF SURVEYS AND
DISTRIBUTIONAL ANALYSIS TO REACH OUT A
MORE EXTENSIVE AUDIENCE

Note: 1. Global harmonization work initiative was led by global Data for Goals (D4G) team



Mobility restrictions varied substantially across EAP countries

MOBILITY INDEX

(% change relative to pre-pandemic baseline)
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(lower) mobility = Cambodia ===Indonesia =—Lao Malaysia ====Mongolia ==—Myanmar PNG Philippines ====Thailand ==Vietnam
Note: Mobility data comes from Google Mobility reports, and the mobility index (s defined as the average percentage change in mobility to retail and recreation, transit stations, parks and workplace,
relative to a pre-pandemic baseline level.

How have the pandemic and mobility restrictions affected employment for workers
across welfare distribution in EAP?



Impacts on Employment: work stoppages

Distributional impacts on
employment, measured by
work stoppage

 When mobility is low,
there is no significant
difference in work
stoppages between the
top 20 and bottom 20

 When mobility
restrictions were relaxed
(higher mobility), work
stoppages were higher
among poorer workers

TOP 20/BOTTOM 20 WORK STOPPAGES & MOBILITY

0 2 n slope =-0.013
(0] s p-value = 0.0000
3 R-squared = 0.8788
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Note: Work stoppage was defined as share of respondents working pre-pandemic who were not working in the week preceding the survey
Each point in the figure represents a country-round. The average of the mobility index is calculated for each country-round.



Coping strategy and food insecurity

* To cope with pandemic-induced labor income shocks, * Poorer households were significantly more likely to
poorer households have been more likely to sell be food insecure
assets or increase debt, while wealthier households
have been more able to rely on savings

Coping strategies employed by households Share of households in food insecurity
80
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3
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vat= S ¢ 20
5 40 S5
= a g < |
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Q1 Q2 Q3 Q4 Qs 0
M Increased debt or sold assets to cope Used savings to cope Ql Q2 Q3 Q4 Qs

Note: Pooled values. Food insecurity is defined as the share of households that reported that they had run out of food, went hungry, or were hungry but did not eat due to a lack of money or resources in the
past 30 days.



EAP: Findings from HFPS

World Bank Blogs

* Five threats to equitable and inclusive recovery from COVID-19:
Evidence from East Asia and Pacific (January, 2022)

 How hard are families hit by the COVID-19 crisis? Six insights from our
household surveys in East Asia and Pacific (November, 2020)

Working Paper

« Kim et al., (2021). Inequality under COVID-19 : Taking Stock of High-
Frequency Data for East Asia and the Pacific. Policy Research working
paper, no. WPS 9859, Washington, D.C. : World Bank Group



COVID-19’s Impact on Food Security:
a Cross-Country Perspective

Boston University Researcher Amanda Pliszak,
Sophia Coleman, Luke DeTore, Xuwen Yang and
Lin Chen

February 10, 2022

BOSTON
UNIVERSITY



Motivation

e To what extent are cross-country
variations in food insecurity associated
with variations in COVID-19 impact, GDP
per capita and urbanization rates?

How effective were government food aid
programs in reducing food insecurity?

Hypothesis

e COVID-19 shock affects lockdown

policies, household income, and government
responses, which impacts food security

BOSTON
UNIVERSITY




Variables and Methodology

* 4 Food Security Indicators
* 4 Income Indicators (total, wage, farm, non-farm)
3 Government Assistance Indicators

* 5 OLS regressions to breakdown the channels of impact of Covid-19 shock on
food security

* Measured along Covid-19 case rates from WHO Coronavirus Dashboard
e Cases per 100,000
« Case-fatality ratio

e Controls (urbanization, GDP Per Capita, and food imports) from World

Development Reports BOSTON
UNIVERSITY

e Organized in country-month format to assess chronological trends




* |ncreased Covid-19 shock, increased household income loss
* Most significant with wage and non-farm income

* |ncreased household income loss, increased food insecurity

* |ncreased Covid-192 shock, increased food insecurity

Ultimately:

 COVID-19 shock, income loss and purchasing power loss are associated with

BOSTON
UNIVERSITY

food insecurity, but impacts of lockdowns need further research
* |mportance of income




Future
Research

There are many other factors of
food security such as nutritional
value and food availability that
would need to be examined with its
relationship to COVID-19 impacts

Broader context of international
trade, agricultural production,
education on food consumption all
affecting food security

BOSTON
UNIVERSITY




Impact of COVID-19 on the Welfare of Household
with Children: An Overview based on High
Frequency Phone Surveys

Siwei Tian, Solrun Engilbertsdottir, Enrique

@ WORLD BAN K GROUP Delamonica, Jose Antonio Cuesta Leiva,

David Newhouse, David Stewart
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* Previous pre-Covid research shows that children are more likely to be
disproportionally affected by poverty, both monetary and multidimensional

* The objective of this research is to better understand how COVID-19 Impacted
households with children in terms of:

o Income loss and labor stoppage
o Food insecurity

o Government and social assistance

o Access to education after school closure



Analytical Strategy

Data

* Primary data source is the HFPS data harmonized by the World Bank

« Research focuses on 35 countries with available information on number of children in
the household. The 35 countries account for a combined population of 1.2 billion
people.

Methodology

* The first section focused on the initial impact of the crisis
o Cross-sectional analysis on key indicators across households with no children, few
children (1-2 children), and many children (3 or more children)

 The second section focused on the evolution of the impact
o Time is organized as number of quarters after the peak month of Covid, according
to Oxford’s Stringency Index
o Conduct robustness checks by controlling for predetermined welfare proxies



Findings — widespread income loss across all households at the onset of

the pandemic
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Findings - households with more children are more likely to suffer from

food insecurity at the beginning of the pandemic
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Findings - social assistance and education

 Households with many children are
more likely to be targeted for
government assistances and social
assistances

M
]

» Access to education is limited after
school closure (53% for any
educational activities for all
households with children), no
significant difference between
groups

[
]

Received Government Assistance (% share of household)

No children Few children Many children



Findings - no clear difference in recovery speed or pattern across groups,

general sign of recovery
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How well did Real-Time Indicators track household

welfare changes in developing countries during the
COVID-19 crisis?

David Newhouse, Rachel Swindle, Shun
@ WORLD BANKGROUP Wang, Josh Merfeld, Utz Pape, Kibrom

Tafere, Michael Weber

The team gratefully acknowledges funding support from the Korean Trust Fund for February 10, 2022
Economic and Peacebuilding Transitions




Motivation

* Covid-19 caused massive economic damage in the summer of 2020
 Many economies still recovering

 Crisis led to innovations in economic monitoring
* High frequency phone surveys coordinated by World Bank
* Increased reliance on “real-time indicators” from big data
* Google community mobility data released
* Other geospatial data increasingly used
* Google search data

« Raises two questions:

 How informative are real time indicators for predicting different types of household
welfare outcomes?

* Which real-time indicators are most informative?



Analytical Strategy

« Use high frequency phone survey data from 311 admin-1 regions in 20 countries

Linked with different real time indicators: Google mobility, search, and selected geospatial
indicators at regional level

Use LASSO to select linear models to avoid overfitting to the sample

How well do real-time indicators predict?
 [nitial impact of crisis in wave 1 of survey across regions
 Ongoing recovery, using demeaned outcomes and predictors to capture within-region
variation over time

HFPS Data
 Initial impacts: Up to 311 regions across 20 countries in wave 1 (April to August 2020)
* Subsequent analysis: Up to 1096 observations across 311 regions and 20 countries, up
to 9 waves



Outcomes

Outcome Survey question

Was the respondent working at the time the survey was conducted?” and “Was the
wave 1 respondent working before the pandemic?”

FNTNETHE N “\Was the respondent working at the time the survey was conducted?”

Total Income

“Has your Total Household Income changed since the pandemic started?”

Change

“Has your Wage Income changed since the last round of the survey?”

“In the last week did you or another adult in the household skip a meal due to lack of
money or resources?

M CLLC R B REE VAR «\V/as there a time in the last week when you or another adult in the household went an

entire day without food due to lack of money or other resources?”.
Tele BRI = (W] [ B “Have you adopted social distancing/self-isolation?”

“Have children in the HH attended school (primary/secondary) before school closures?”
and “Have children in the HH engaged in ANY learning or educational services since
school closures?”

Educational “Have children in the HH engaged in ANY learning or educational services since school
Engagement closures?”




Google Search Terms

Category  [Description

Google Search Data
“Bread”, “Cheap Food”, “Milk”
“Money”

“Jobs”, “Salary”’, “Unemployment”, “Vacancy”

“Assistance’, “Free Food”, “Free Meal”’, “Food Bank”
“Exercise”, “Gym”

Religion “Bible”, “Quran”, “Prayer”
“Student”, “Online School”’, “Online Education”
Satellite data

EVI

Enhanced Vegetation Index (Landsat)

N Nitrogen Dioxide (Sentinel 5-Precursor)
N Night-time lights (VIIRS)



Findings - Results from Shapley decomposition of R2

« Google search data strong predictor of total income declines
* |ninitial wave, search related to food money and jobs most predictive
* Food, exercise and religion strongest predictors across time

« Google mobility strong predictor of initial work stoppage
« As well as types of income and employment as crisis evolved

Share of R2 explained by different types of covariates
Mean Google Google Search Total Satellite
R2 Mobility Search
Food Money Jobs Assistance Exercise Religion School Total EVI No2

037 37% 20%  22% 10% 4% 6%  100%
| Farm income decrease [VCRNPIEY 73% 73%

decrease

R 024 28% 6% 15% 15% 24% 2%  62% 9%
Workstoppage 034 40%  18% 11% 7% 1% 2%  49% 10%

Evolutlon of cr|5|s

Totallncome decrease [iV¥i 30% T% 33% 29% 100%
025 44% 14% 5% 3% 21% 5% 9% 57% 0%

0.26 34% 12% 3% T% 10% 15% 3% 50% 17%
decrease

R 1023 43%  14% 1% 4% 3% 2% 2%  10%  46% 10%
L 015 46%  10% 1% 5% 5% 2% 17% 5%  45% 9%



Findings - Results from Shapley decomposition of R2

* More difficult to predict income gains than income losses (R2 only 0.06 for total income gains)
« Strong correlation between vegetation and educational engagement / not eating all day

« Strong negative correlation between mobility and meal skipping
« Residential, transport, and grocery/pharmacy mobility negatively correlated with meal skipping

Mobili

Food Money Jobs Assistance Exercise Religion School Total EVI No2

0.06 3% 31% 1% 24% 41% 97%
T o 0.16  31% 3% 2%  63% 68%
0.17 32% 1% 1% 12% 7% 14% 7% 42% 27%
0.12 20% 10% 21% 6% 18% 13% 68% 18%
]
—m 0.16 955% 5% 7% 2% 12% 2% 28% 9% 8%

BLLNEEIENNEW 0.13 17% 12% 0% 2% 6% 4% 24% 42% 18%
. ]

Social Distance [(t&Es 22% 6% 1% 34% 3% 6% 18% 68% 11%

Educational Engagement j{oXe:] 0% 92% 8%



Conclusions

« Publicly available real-time indicators are predictive!
» Explain about 35 percent of variation in wave 1 in prevalence of work stoppage and
employment loss

« Explain about 20-25% of intertemporal variation within region in prevalence of income
loss and employment rate

* Part of the additional predictor power from wave 1 due to correlation with pre-crisis
characteristics that were themselves correlated with the shock
e Such as pre-crisis welfare of the region

« No single “magic bullet” indicator
* Need to train a model to aggregate disparate sources of information
* Variety of google search and mobility are best predictors
« Satellite indicators were less predictive, but set of indicators could be expanded



Next Steps

* This information is publicly available, is a candidate for use as a partially accurate welfare
tracker in countries lacking phone surveys.
« Can provide region-specific estimates
« Future work could estimate a model for poverty (after face-to-face surveys resume)
and compare accuracy with GDP/poverty projections
* Additional real-time indicators could improve performance

e Could consider implementing a system that consistently updates model to improve
nowcasting






Thank you!

Nobuo Yoshida

nyoshida@worldbank.org

David Newhouse
dnewhouse@worldbank.org

Ikuko Uochi

iuochi@worldbank.org

Siwei Tian
stian@worldbank.org

Amanda Plisznak
apliszak@bu.edu



mailto:nyoshida@worldbank.org
mailto:dnewhouse@worldbank.org
mailto:iuochi@worldbank.org
mailto:stian@worldbank.org
mailto:apliszak@bu.edu

Donors

Canada N L7
2 TS !< E

CIrishAid ~ UKaId  KoReaTRUST FUND

from the British people

Rialtas na hEireann
Government of Ireland

LLLLLLLLLLLLLLLLLLL
OOOOOOOOOOOOOOOO

' BILL& MELINDA
@ KWPE  UFPE  Brghines,,



Data for Goals (D4G) Global Dashboard Team & SSA and MNA teams

N
Nobuo Yoshida Minh Cong Nguyen David Newhouse Jose Montes Silvia Malgioglio Karem Edwards
Co-Task Team Leader Co-Task Team Leader Senior Economist Data Scientist Social Scientist Program Assistant

Haoyu Wu Siwei Tian Ifeanyi Nzegwu Edochie Carlos Sabatino Jee Seo
Extended Term Consultant Data Science Consultant Data Scientist Data Science Consultant  Knowledge Management

Officer




LAC High-Frequency Phone Survey Team

Carolina Diaz-Bonilla Ana Rivadeneira
Senior Economist Consultant

Jonathan Grabinsky Sergio Olivieri
Consultant Senior Economist

Gabriel Lara-Ibarra
Senior Economist

Paola Ballon
Consultant

Javier Romero
Young Professional

Carolina Mejia-Mantilla
Senior Economist




ECA High-Frequency Phone Survey Team

§
.\E\’ i

Rose Mungai
Senior Economist

“ga
-

Fatouma Dieng
Consultant

Julia Dukho
Consultant

1

Sulpice Mahunan
Consultant

Y
i I

Bhaya Paliwal
Consultant



EAP High-Frequency Phone Survey Team

Ikuko Uochi Reno Dewina Gildas Deudibe Maryam Zia
Economist Consultant Consultant Consultant




SAR High-Frequency Phone Survey Team

SAR-based Team

DC-based Team

Nethra Palaniswamy Afsana Khan Arshia Baburam Cheku Dorji Chinthani
Co-Task Team Leader Haque Niraula Sooriyamudali

w—
(R

1

f A . ,
Nishtha Jui Liza Ravindra Shiraz Vijayaragavan
Kochhar Shrestha Maharjan Shrestha Hassan Prabakaran

Nandini Krishnan Erwin Hisham Esper
Co-Task Team Knippenberg
Leader

Laura Moreno Anais Scuitti
Herrera

Joseph Green




