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SUMMARY

Many aspects of public administration, such as employee satisfaction and engagement, are best 
measured using surveys of public servants . However, evaluating the extent to which survey measures 
are able to effectively capture underlying variation in these attributes can be challenging given the 
lack of objective benchmarks . At a minimum, such measures should provide a degree of discriminating 
variation across respondents to be useful . This chapter assesses variation in a set of typical indicators 
derived from data sets of public service surveys from administrations in Africa, Asia, Europe, and North 
and South America . It provides an overview of the most commonly used measures in public servant 
surveys and presents the variances and distributions of these measures . The chapter thus provides 
benchmarks against which analysts can compare their own surveys and an investigation of the determi-
nants of variation in this field . Standard deviations of the measures we study range between 0 .72 and 
1 .24 on a five-point scale . The determinants of variation are mediated by the focus of the variable, with 
country fixed effects the largest predictors for motivation and job satisfaction, and institutional structure 
key for leadership and goal clarity .

Robert Lipinski is a consultant and Daniel Rogger is a senior economist in the World Bank’s Development Impact Evaluation (DIME) 
Department. Annabelle Wittels is an independent researcher. Christian Schuster is a professor at University College London. 

CHAPTER 21

Designing Survey 
Questionnaires
Which Survey Measures Vary 
and for Whom?

Robert Lipinski, Daniel Rogger, Christian Schuster, 
and  Annabelle Wittels

ANALYTICS IN PRACTICE 

 ● Effective questionnaire design and efficient sampling strategies both rely on an understanding of the per-
formance of relevant survey measures. This chapter presents the variation in common measures used in 
public servant surveys from settings across the world (see table 21.2 later in the chapter for a full listing 
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of summary statistics). Such statistics provide individual survey analysts a means of comparative analysis 
with their own results.

 ● In the sample of surveys we assess, measures related to personal characteristics, such as motivation, 
do not vary as substantially as those relating to institutional variables, such as leadership. The design 
of questions about motivation and satisfaction may therefore need to be reconceptualized to better 
 discriminate between degrees of these categories with the highest response likelihood.

 ● Commonly used measures of quantities of interest in public administration show significant negative 
skew across most contexts and for most measures. This indicates that responses are located mostly on the 
more-positive (higher) end of the answer scale. This might reflect response bias or an underlying lack of 
latent variation. It also indicates a need for redesigning standard measures in public service  surveys to 
better discriminate between values at the top end of indexes.

 ● Where analysts would like to test for positive-response (or social-desirability) bias, they can include scale 
items specifically designed to capture such bias and apply regression or weight adjustments to averages, 
include alternative methods of capturing more nuanced levels of variation, or apply transformation 
 techniques to address extreme skew before data analysis.

 ● The determinants of the variation we observe are mediated by the nature of the variable. 
Demographics generally explain a very small proportion of variation across measures (less than 
2 percent). Country fixed effects account for the highest degree of variation for measures of 
motivation and job satisfaction. Institutional divisions (unit and subunit identifiers) explain a 
greater proportion of the variation in measures related to the quality of leadership and the clarity 
of a respondent’s goals and tasks. Thus, survey measures associated with organizational features of 
the public service are more likely to exhibit variation than those that probe aspects influenced by 
servicewide or national cultures.

 ● Since many countries use different survey approaches and questionnaires, it is difficult to establish to 
what extent these differences are artificially created by differences in measurement as opposed to differ-
ences in environment, institutions, and management practices. This underlines the necessity to further 
standardize a core of public servants’ surveys in order to make cross-country comparisons meaningful 
and informative for public administration reform.

INTRODUCTION

Surveys of attitudes, perceptions, and reported behaviors often try to assess two factors: the average or 
most common value of a concept of interest for respondents (or respondents in a particular subgroup) and 
variation in those responses. For example, one might want to find out the level of job satisfaction for public 
servants in an agency and the variation in satisfaction across that agency, across agencies, or across public 
servants of different managerial ranks.

Large-scale surveys are of particular relevance where a feature of the population being surveyed var-
ies substantially. If satisfaction, or any other variable of interest, were known to be the same everywhere, 
analysts would only be required to carefully measure a single instance of the phenomenon. This would then 
be sufficient to know the value of the variable in the population at large. A practical example of this in the 
public service is the de jure nature of laws and regulations. Recording a single instance of a universal law is 
sufficient to understand its nature everywhere.

By contrast, once a phenomenon can vary across individuals, units, departments, agencies, time, and 
so on, surveys provide a tool to measure the underlying variation. Mapping this variation allows analysts 
to understand the average of the variable, its spread, where the feature takes extreme or unusual values, 
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and so on. Again taking satisfaction as an example, a central public service agency may look for agencies that 
have the lowest levels of staff satisfaction, those where satisfaction is falling fastest, or those in which there 
are the largest disparities. Or, taking the universal-law example, analysts may be interested in how the law is 
de facto implemented across agencies, which may differ significantly. Surveys provide a tool for mapping the 
 corresponding variation.1

Features of public administration increase the likelihood that there will be variation in key elements of 
the work environment. Unlike the private sector, there are no market forces driving work units to specific 
standards. The diverse range of activities undertaken by the public sector and the myriad outputs it produces 
imply potentially very different approaches to production. The challenges to measuring many aspects of 
public administration—externalities created by both tasks and public outputs, for example—compound the 
challenges to creating a common approach to management.

Not all phenomena of interest in the public service vary. It is conceivable that in some settings, public 
officials are universally oriented toward public service, or the opposite, such that even the best measures 
will exhibit no variation. The tension at the heart of measurement in public administration, where so few 
benchmark measures exist of a wide range of phenomena of interest, is how to identify which elements of the 
public service truly do vary, and for whom.

We proxy this underlying variation through observed variation in survey measures. Yet it is variation in 
the underlying phenomenon that we are interested in, rather than a proxy measured by a survey. We want 
measures that reflect true levels of satisfaction and allow us to discriminate between levels that are meaning-
fully different. If variation in survey measures solely reflects biases induced by the way questions are formu-
lated or measurement error, it does not provide valid information upon which to base decision-making.2 
The validity of the variation in surveys of public administration is thus of key concern to understanding the 
public service.

This chapter aims to investigate the validity of measures from public servant surveys. The challenge all 
such exercises face is that many important concepts in public administration—such as satisfaction, moti-
vation, and quality of management—are inherently internal phenomena. Assessing different measures 
against objective benchmarks, such as measures of satisfaction against turnover data, presents many issues 
of comparison. Alternative indicators of the validity of survey data are that conceptually related items should 
covary and that the same measurement should attain comparable variation across measurement in time and 
across survey contexts. This chapter assesses validity by comparing common measures across settings. By 
benchmarking which measures consistently vary across settings, we identify those measures that consistently 
provide differentiating variation.

The assumption of this approach to assessing the validity of variation is that the biases and measurement 
error that may drive variation in one setting are distinct from those in another. Thus, where we observe a 
measure providing discriminating variation across settings, we can infer that it is providing valid data. The 
disadvantage of such an approach is revealed when this assumption fails and measurement is affected by 
common bias across settings. For our approach to be valid, we also require that there be variation in the 
underlying phenomena across settings.

The payoffs for undertaking a valid assessment of variation in public servant surveys are substantial. 
Knowing what type and shape distributions of measurements of concepts of interest take is important for 
picking appropriate survey designs. Sampling strategies (see more on this in chapter 20) and question design 
(see chapters 22 and 23) require an understanding of underlying variances to be fit for purpose. The validity 
of our measurements of public administration, and of the corresponding survey designs, is at the core of our 
ability to understand the functioning of the state.

This chapter’s perspective is that despite concerns about comparing measures of public service across 
time and space, such assessments act as rare and therefore valuable benchmarks to a single survey’s results. 
Knowing that a specific measure has limited variation in many other settings allows analysts to take a more 
informed perspective on the use of that measure in their own contexts.

The importance of variation and its relation to validity and reliability has been investigated widely 
in volumes on statistics and survey sciences (for example, Brandler et al. 2007; Fink and Litwin 1995; 
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Grosh and Glewwe 2000; Wright and Marsden 2010). However, there is little systematic evidence available 
on patterns of variation of the measurements typically used to assess concepts central to the analysis of 
public administration. A review of common source bias in civil servant surveys conducted by George and 
Pandey (2017) makes evident that public administration as a field suffers from a reliance on surveys to 
measure both independent and dependent variables.3 This approach inflates correlations between dif-
ferent variables and can make it difficult to distinguish between effects driven by individual-level error, 
individual-level differences, and generalizable relationships between different factors.4 Most other work 
relates to scale validation. (For example, for public service motivation, see Kim 2009; Mikkelsen, Schuster, 
and Meyer-Sahling 2021; Perry 1996; for job satisfaction, see Cantarelli, Belardinelli, and Bellé 2016; for 
policy alienation, see van Engen 2017; for public leadership, see Tummers and Knies 2016 and chapter 24 
on invariance.)

This chapter, therefore, assesses variation in a set of typical indicators derived from data sets of public 
service surveys to add to the existing literature and provide survey designers and analysts with benchmarks 
against which to assess their own efforts. The data span administrations in Africa, Asia, Europe, and North 
and South America. The chapter provides an overview of the most commonly used measures in public 
servant surveys and presents the variances and distributions of these measures. It then describes the extent 
to which observed variance can be explained by demographic and institutional characteristics typical of the 
analysis undertaken by analysts of public servant surveys.

KEY CONCEPTS IN PUBLIC SERVANT SURVEYS AND THEIR MEASUREMENT

What are the phenomena that surveys of public servants typically seek to measure? Meyer-Sahling et al. 
(2021) undertake a review of major surveys of public servants. They find that government employee 
surveys almost universally ask questions about workload or work-life balance and organizational 
commitment and engagement, and they tend to ask about career intentions, job satisfaction, integrity, and 
attitudes toward organizational change. Figure 21.1 provides a breakdown of the proportion of surveys that 
attempt to measure each of these phenomena. The figure indicates that though the precise set of measures 
used in government employee surveys varies, the core concepts themselves overlap significantly. Why have 
these specific topics become the major areas of investigation in surveys of public servants? Some measures 
that are central to existing government employee surveys, such as engagement, do not emerge clearly from 
reviews of academic models of public service governance (Meyer-Sahling et al. 2021). This is, in large part, 
due to the fact that “models” of public service governance do not engage in depth with organizational 
psychology. Such considerations are critical to the actual management of the public service. Management 
practices, such as work-life balance policies or leadership to generate enthusiasm for the mission of a 
public sector organization, are important predictors of the attitudes and behaviors of public servants 
(see, for example, Esteve and Schuster 2019) and feature prominently in government employee surveys, 
yet models of public service governance are (with some exceptions) silent about them.5 Major surveys of 
public servants thus reflect the priorities of those who manage them, typically central agencies of public 
service management.

For this chapter, we assess the topics within surveys for which we both have access to the underlying 
microdata and which contain required identifiers (such as organization). We focus on those measures 
dealt with in a comparable way across these surveys. As we describe in more detail later, these topics are 
job satisfaction, pay satisfaction, motivation, assessments of leadership’s trustworthiness and tendency to 
motivate, a measure of performance management related to promotion, and the clarity respondents have 
over goals and tasks. As can be seen from figure 21.1, these overlap closely with many of the standard 
topics in surveys of public servants. In this section, we review the existing evidence on the quality 
of measurement of these topics in surveys of public servants and their relationship to the effective 
functioning of public administration.
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Measuring Job Satisfaction

A review conducted by Cantarelli, Belardinelli, and Bellé (2016) finds that about a quarter of studies in 
public administration use a single item to measure job satisfaction. Three-quarters use an index based on 
several question items. They all use Likert-type response scales. Some measure overall feeling (“How satisfied 
are you?”) while others measure specific aspects of job satisfaction, such as pay, career prospects, and work-
life balance. Several surveys, such as the United States Office of Personnel Management (OPM) Federal 
Employee Viewpoint Survey (FEVS), use a mixture.

This diversity in measurement approach can partly be explained by the lack of a coherent theory as to 
how job satisfaction factors into public sector performance. Myriad authors have postulated links between 
satisfaction and public service performance, as well as corresponding interpretations of satisfaction 
(Hameduddin and Engbers 2022; Mehra and Joshi 2010; Potts and Kastelle 2010).6

Cantarelli, Belardinelli, and Bellé’s (2016) meta-analysis reports significant correlations between the var-
ious measures of job satisfaction used in the literature and organizational commitment, feelings of inclusion, 
justice, goal clarity, turnover intentions, leadership perceptions, and positive perceptions of promotion sys-
tems and monetary incentives. Job satisfaction measures have also been shown to be strongly correlated with 
measures of employee mental health and burnout (Faragher, Cass, and Cooper 2013; Scanlan and Still 2019). 
These within-survey correlations are taken as indicators of the validity of measures of satisfaction.

FIGURE 21.1 Topics Measured in Government Employee Surveys
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Returning to the discussion on objective benchmarks of satisfaction, studies typically use turnover as an 
independent measure of satisfaction. However, longitudinal studies suggest that the relationship between job 
satisfaction and staff turnover might be temporal or spurious (Cramer 1996; Sousa-Poza and Sousa-Poza 2007). It 
is simply unclear to what extent turnover is a good marker of organizational productivity and good management 
in the context of a noncompetitive job market. Staff might simply stay because they have no attractive exit options.

Measuring Motivation

Motivation is most commonly measured via a scale developed by Perry (1996) or its adaptation by Kim 
(2009). Perry’s scale consists of 24 items and has six dimensions: attraction to public policy making, commit-
ment to the public interest, civic duty, social justice, self-sacrifice, and compassion. Each of the dimensions 
is measured by four questions with a Likert-type response scale. The measure developed by Kim consists of 
12 items and has four dimensions: attraction to policy making (APM), commitment to the public interest 
(CPI), compassion (COM), and self-sacrifice (SS).

Mikkelsen, Schuster, and Meyer-Sahling (2021) have found that Kim’s scale can be used to compare rela-
tionships between motivation and other variables across cultural contexts but that means cannot be mean-
ingfully compared across country contexts. In terms of concept validity, a large body of correlation-based 
studies shows robust correlations between measures of public service motivation and effort (Camilleri and 
Van Der Heijden 2007; Moynihan and Pandey 2007; Naff and Crum 1999). However, as the vast majority of 
these studies rely on correlations between self-assessments completed in a survey, they all suffer from the 
threat of common source bias (Favero and Bullock 2015; George and Pandey 2017; Meier and O’Toole 2010): 
the risk that correlations are an artifact of individuals’ providing multiple ratings about themselves at the 
same point in time, without any external validation.

Causal studies are limited because intrinsic motivation cannot be manipulated directly. However, several 
experiments have shown that when extrinsic, nonfinancial rewards are increased, the performance of public 
sector employees improves (Ashraf et al. 2020; Bellé 2014, 2015; Bellé and Cantarelli 2015).

Measuring Leadership

Leadership in public administration has typically been measured with scales based in or borrowed from 
management science and psychology (Tummers and Knies 2016). Scales commonly measure specific types 
of leadership. Two types studied extensively are transformational and transactional leadership (for exam-
ple, Hameduddin and Engbers 2022; Kroll and Vogel 2014; Pandey et al. 2016; Vigoda-Gadot 2007). More 
recently, there has been a movement to develop scales that are particular to the leadership challenges faced 
by public sector managers, such as working with a large and diverse network of stakeholders and respond-
ing to the demands of political principals, all while remaining accountable to a broad public (Tummers and 
Knies 2016; Vogel, Reuber, and Vogel 2020).

In terms of the validity of leadership scales, Hameduddin and Engbers (2022) show in a meta-analysis of 
studies on public service motivation that there is considerable evidence that assessments of leadership predict 
motivation levels in staff. The relationship seems to be consistent across country contexts. Problematically, 
as with motivation, the majority of studies measure both motivation and leadership with a single survey. 
They are thus subject to common source bias, and there is a risk that relationships are spurious (see George 
and Pandey 2017). Evidence derived through other methods increases confidence, however, that this is not 
the case. For example, a field experiment conducted by Bellé (2014) finds that transformational leadership 
interventions can increase motivation as measured by output quantity. Other examples are 360-degree 
assessments of leadership, whereby assessments are collected from managers themselves and staff (Vogel and 
Kroll 2019), and varying whether questions are asked at the organizational or individual level (see chapter 23). 
Both approaches have found significant relationships between assessments of leadership and motivation.
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Measuring Performance Management

In the academic literature, the measurement of public performance is often equated with the 
management approaches in place (Bouckaert 2021). A lot of measurement on public sector productivity 
now is concerned with integrating the measurement of inputs with administrative data on outputs 
(for recent reviews and discussions, see Heinrich 2002; Somani 2021). Questions about performance 
management in public service surveys typically ask staff to report what management approaches are used 
in their organization. Survey items include questions on the frequency and adequacy of performance 
reviews; goal setting and goal clarity; and the recognition of good performance, promotion, and financial 
incentives. However, little consensus exists on the appropriate approach to the measurement of these 
concepts in public service surveys.

To the knowledge of the authors, no comprehensive reviews of the validity or reliability of such 
question items and scales have been published. However, government agencies in charge of running 
public service surveys report routinely undertaking reviews of the relevance and internal validity of 
such measures.7

Measuring Goal and Task Clarity

The concept of goal clarity was first developed under the umbrella of organizational psychology. Latham and 
Locke (1991) define it as a spectrum varying from “vague (‘work on this task’) to specific (‘try for a score 
of 62 correct on this task within the next 30 minutes’).” Greater goal clarity is theorized to improve perfor-
mance because resources can be targeted at goals and there is less waste. It is also theorized to have a moti-
vational role because it becomes clear to individuals what they need to do in order to do well (Latham and 
Locke 1991). Goal clarity and its opposite—goal ambiguity—have been regarded as particularly important in 
the public sector because the mission statements of government organizations are often vast, and outcomes 
are hard to measure (Jung 2014). Jung (2012) distinguishes between clarity relating to “target, time limit, and 
external evaluation.”

Goal clarity is typically measured via self-ratings with questions such as “The work I do is meaningful to 
me,” “I understand my agency’s mission,” and “I understand how I contribute to my agency’s mission” (see, 
for example, Hoek, Groeneveld, and Kuipers 2018). Survey research and laboratory studies have suggested 
that such self-ratings are positively associated with perceived performance (Hoek, Groeneveld, and Kuipers 
2018) and performance as measured by quantity and quality of output (Anderson and Stritch 2016). 

Rasul, Rogger, and Williams (2021) demonstrate with observational data that expert ratings of task 
clarity (“How precise, specific, and measurable is what the division actually achieved?” and “How precise, 
specific, and measurable is the target?”) are strongly associated with differences in tasks completed by 
public sector workers. Importantly, they find that for tasks rated as high in ambiguity, greater control 
over workers backfires (a reduction of 14 percentage points in completion rates in response to a standard 
deviation increase in their corresponding measure of management), while giving workers greater 
autonomy over how they manage their work increases task completion rates (a corresponding increase of 
21 percentage points).

In sum, the public administration literature has established the relevance of the latent concepts we focus 
on in this chapter to key concerns of management: performance, motivation, and turnover. However, most 
studies have focused on correlations—and, to a lesser extent, causal relationships—without providing an 
overview of the expected distribution of these variables. It remains unclear to what extent practitioners and 
scholars should expect substantial variation from these variables, how they are typically distributed across 
civil servant populations, and to what extent such distributions should be expected to be uniform across 
employee groups. Answers to these questions are crucial for picking appropriate research designs—including 
questionnaire design, sampling strategies, and analytic approaches—and for spurring the improvement of 
existing survey measures.
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SELECTION OF SURVEYS AND MEASURES

Assessing variation requires access to micro-level public service survey data across countries. To maximize 
microdata coverage, we combine data collected in public service surveys conducted by the Global Sur-
vey of Public Servants (GSPS) consortium (which was cofounded by two of the authors) with micro-level 
public service survey data published by the US federal government. To undertake the required analysis, we 
also require surveys that can identify the public sector organization (unit) of respondents, can identify the 
department (subunit) within the organization within which the sampled public administrator works, and 
that measure the topics most commonly covered in public administration surveys.

This process leads us to focus our analysis on 10 surveys from across Africa (Ethiopia, Ghana, and 
Liberia), Asia (China and the Philippines), Europe (Romania), North America (the FEVS in the United 
States), and South America (Chile, Colombia, and Guatemala). All surveys except the FEVS were under-
taken by members of the GSPS. They were conducted between 2014 and 2020 and include a mix of online 
and face-to-face efforts. Each survey featured in this analysis targets core administrative entities—ministries, 
all nationwide (or federal) agencies, and, where applicable, local governments.

Although we select surveys to maximize comparability, we are not able to measure all concepts con-
sistently across all settings. We therefore focus our analyses on concepts that can be compared across the 
majority of surveys and have been identified as concepts of interest for the public administration literature, 
as described above. The resulting set of questions pertains to job satisfaction, pay satisfaction, motivation, 
assessments of leadership’s trustworthiness and tendency to motivate, a measure of performance manage-
ment related to promotion, and the clarity respondents have over goals and tasks. Comparison with the top-
ics in figure 21.1 indicates that the topics we focus on are key elements of major surveys of public servants.

Table I.1 in appendix I provides further details on the survey questions used from each of the surveys, 
their original and transformed scales, and the extent of missing observations in the underlying data. Across 
surveys, question items related to job and pay satisfaction, leadership, performance incentives, and goal and 
task clarity are nearly identical except for some small adjustments implemented in response to testing in the 
local context.8

All the measures are based on single items. Though this deviates from some common practices, such as 
the use of Perry scales to measure public service motivation, it reduces the dimensionality of comparison 
in our setting, where few surveys used similar indexes. Most survey outcomes use a response scale ranging 
from 1 to 5, where 1 is the most negative and 5 is the most positive response.9 For surveys where this was not 
the case, we rescale outcomes to fit on a 1–5 scale. Where a midpoint is missing, scores are split and rounded 
up to the next full point on a 1–5 scale.

The resulting data set combines multiple surveys of public servants in as coherent a way as possible 
given the differences in the underlying questions. Given the paucity of published public servant survey data, 
this provides a relatively unique opportunity to understand the spread of responses to the typical measures 
 contained in such surveys.

To augment the analysis of variance, we consolidate a set of explanatory variables from the surveys 
that are frequently used for subgroup analysis in reporting on public servant surveys. One of the two most 
common ways public administration statistics are investigated is by demographic categories. Breaking down 
statistics by employee demographics can be valid in its function to provide accountability to different interest 
groups (for example, ethnic minorities and women in the workforce).

It is unclear to what extent demographic characteristics have explanatory value. Parola et al. (2019) find 
in a meta-analysis that age and gender are significantly related to different levels of public sector motivation. 
However, the confidence intervals are large and span zero for gender in many specifications. The analysis 
does not control for other individual and job characteristics, such as time in the job and job type. Cantarelli, 
Belardinelli, and Bellé (2016) find no significant association between gender and age and leadership assess-
ments. The literature on correlates between demographic variables and other measurements, such as job 
satisfaction, is largely lacking or based on studies with ad hoc and very small samples. For our analysis, we 
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thus refer to the following set of variables as demographics: gender, age, tenure in public service, and mana-
gerial level. Where demographic characteristics are missing, we impute the median response for continuous 
and ordinal variables and the mode for categorical variables.10

The second type of explanatory variable typically used in studies of public administrations is institutional 
markers (for example, local or regional governments, organizations, agencies, and teams). Governments 
naturally want to understand how different government organizations and subunits compare in order to 
develop targeted strategies to improve performance. Once again, whether institutional divisions are strong 
predictors of variation in public service surveys is unclear. In their review of studies on motivation and 
leadership, Hameduddin and Engbers (2022) find no significant differences in the relationship between the 
two variables by the level of government. Table 21.1 provides details of the hierarchical level we use in each 
country to approximate organization (unit) and department (subunit).

WHICH PUBLIC SERVICE SURVEY MEASURES VARY?

Table 21.2 presents descriptive statistics for the surveys we assess, and figure 21.2 presents corresponding 
standardized distributions of the variables across surveys. In general, pay satisfaction is low while motivation 
and, to some extent, job satisfaction is high, in line with theories of the public service that see pay satisfac-
tion as a limited component of public sector motivation. Assessments of leadership and meritocratic promo-
tion receive some of the lowest scores across countries.

There is a degree of variation in all measures and in all countries. As shown in table 21.2, standard 
deviations in the aggregate panel (the means of the statistics in the rest of the table) range between 0.72 and 
1.24 on a five-point scale. As a benchmark, if responses are uniformly distributed over a five-point scale, the 
standard deviation is 1.15.

A number of features stand out. First, there is a distinct negative skew to the variables, with modal 
responses of 4 or 5. This interpretation is summarized by the motivation scales’ highly negative skew (−2.44 
in the aggregate panel), indicating that most people report high levels of motivation.11 Assessments of task 
and goal clarity and job satisfaction also show considerable—albeit more positive—skew, followed by those 

TABLE 21.1 Surveys Used in the Analysis

Survey country Year Unit N Subunit N

Chile 2019 Organization 31 Subunit within the government organization 417

China 2015 City administration 4 Subunit defined by nature of sector and 
associated task

28

Colombia 2020 Central government/local government 84 Ministry within central government/local 
government organization

488

Ethiopia 2016 Central government/local government 53 Ministry within central government/sectoral 
office within local government

198

Ghana 2018 Central government organization 40 Subunit within the government organization 196

Guatemala 2019 Organization 15 Region 176

Liberia 2016 Central government organization 30 Subunit within the government organization 104

Philippines 2014 Central government agency 6 Locality within central agency 18

Romania 2019 Central government/regional 
government/local government

13 Ministry within central government/sectoral 
office within regional and local government

54

United States 2019 Agency 30 Level one units (one level below agency) 222

Source: Original table for this publication .
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TABLE 21.2 Descriptive Statistics for Surveys of Public Servants

Country Variable Mean Median SD Skew
Shannon’s 

entropy N

Aggregate Job satisfaction 3 .88 4 .29 0 .92 –1 .16 1 .05 7

Pay satisfaction 2 .8 2 .88 1 .12 0 .21 1 .21 8

Motivation 4 .42 4 .67 0 .72 –2 .44 0 .85 6

Leadership trust 3 .84 4 .2 1 .13 –1 .01 1 .27 5

Leadership motivates 3 .66 4 1 .12 –0 .88 1 .36 5

Meritocratic promotion 3 .54 3 .75 1 .24 –0 .83 1 .3 8

Goal clarity 4 .01 4 .25 0 .89 –1 .31 1 .13 8

Task clarity 4 .15 4 .38 0 .8 –1 .5 1 .02 8

Chile Job satisfaction 4 .16 4 0 .87 –1 .23 1 .15 10,926

Pay satisfaction 2 .82 3 1 .23 0 .11 1 .53 11,082

Motivation 4 .6 5 0 .61 –1 .99 0 .78 10,955

Leadership trust 3 .75 4 1 .18 –0 .85 1 .43 10,605

Leadership motivates 3 .52 4 1 .22 –0 .57 1 .51 10,675

Meritocratic promotion 2 .7 3 1 .4 0 .24 1 .58 9,303

Goal clarity 4 .42 5 0 .75 –1 .66 0 .97 10,973

Task clarity 4 .46 5 0 .73 –1 .67 0 .94 10,978

China Job satisfaction 3 .85 4 0 .68 –1 0 .96 2,477

Pay satisfaction — — — — — —

Motivation — — — — — —

Leadership trust — — — — — —

Leadership motivates — — — — — —

Meritocratic promotion 3 .62 4 0 .93 –0 .64 1 .3 2,473

Goal clarity — — — — — —

Task clarity — — — — — —

Colombia Job satisfaction 4 .43 5 0 .76 –1 .76 0 .96 9,693

Pay satisfaction — — — — — —

Motivation 4 .57 5 0 .59 –1 .7 0 .77 9,710

Leadership trust — — — — — —

Leadership motivates — — — — — —

Meritocratic promotion — — — — — —

Goal clarity — — — — — —

Task clarity 4 .27 4 0 .84 –1 .51 1 .08 17,595

Ethiopia Job satisfaction 3 .04 4 1 .31 –0 .3 1 .2 1,117

Pay satisfaction 2 .12 2 1 .17 0 .81 1 .13 1,125

Motivation — — — — — —

Leadership trust — — — — — —

Leadership motivates — — — — — —

Meritocratic promotion 2 .91 3 1 .54 –0 .01 1 .56 1,121

Goal clarity 3 .13 3 0 .85 0 .03 1 .25 368

Task clarity 2 .93 3 0 .81 0 .41 1 .17 368

(continues on next page)



CHAPTER 21: DESIGNING SURVEY QUESTIONNAIRES 459

TABLE 21.2 Descriptive Statistics for Surveys of Public Servants (continued)

Country Variable Mean Median SD Skew
Shannon’s 

entropy N

Ghana Job satisfaction — — — — — —

Pay satisfaction 1 .33 1 0 .87 2 .78 0 .65 2,632

Motivation 4 .49 5 0 .81 –2 .18 0 .93 1,103

Leadership trust — — — — — —

Leadership motivates 4 .25 5 1 .09 –1 .61 1 .15 1,384

Meritocratic promotion 4 .6 5 1 .05 –2 .73 0 .66 1,276

Goal clarity 4 .32 5 0 .95 –1 .37 1 .12 1,503

Task clarity 4 .44 5 0 .82 –1 .51 1 .01 1,510

Guatemala Job satisfaction — — — — — —

Pay satisfaction 3 .18 4 1 .07 –0 .3 1 .2 1,138

Motivation — — — — — —

Leadership trust 3 .59 4 1 .05 –1 .11 1 .26 579

Leadership motivates 3 .47 4 1 .06 –0 .93 1 .32 585

Meritocratic promotion 3 .02 3 1 .22 –0 .18 1 .54 574

Goal clarity 4 .08 4 1 .01 –0 .9 1 .27 748

Task clarity 4 .28 5 0 .88 –1 .01 1 .13 747

Liberia Job satisfaction 3 .31 4 1 .09 –0 .74 0 .94 2,651

Pay satisfaction 2 .33 2 1 .13 0 .61 1 .09 2,670

Motivation 3 .33 3 1 .31 –0 .43 1 .55 2,687

Leadership trust 3 .89 5 1 .36 –0 .77 1 .13 839

Leadership motivates — — — — — —

Meritocratic promotion 4 .39 5 1 .03 –1 .91 0 .94 486

Goal clarity 3 .84 4 1 .04 –0 .71 1 .35 1,407

Task clarity 3 .82 4 1 –0 .4 1 .34 1,410

Philippines Job satisfaction — — — — — —

Pay satisfaction 2 .9 3 1 .14 –0 .08 1 .42 1,768

Motivation — — — — — —

Leadership trust — — — — — —

Leadership motivates — — — — — —

Meritocratic promotion — — — — — —

Goal clarity 3 .78 4 0 .93 –1 .04 1 .2 1,766

Task clarity — — — — — —

Romania Job satisfaction 4 .62 5 0 .65 –2 .18 0 .79 2,716

Pay satisfaction 4 .09 4 1 .17 –1 .5 1 .2 2,690

Motivation 4 .92 5 0 .35 –6 .29 0 .27 2,726

Leadership trust 4 .01 4 0 .88 –1 .26 1 .16 1,624

Leadership motivates 3 .88 4 0 .96 –1 .02 1 .26 1,667

Meritocratic promotion 3 .82 4 1 .5 –0 .96 1 .33 612

Goal clarity 4 .83 5 0 .52 –3 .97 0 .48 2,707

Task clarity 4 .88 5 0 .45 –4 .94 0 .38 2,723

(continues on next page)
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TABLE 21.2 Descriptive Statistics for Surveys of Public Servants (continued)

Country Variable Mean Median SD Skew
Shannon’s 

entropy N

United 
States

Job satisfaction 3 .75 4 1 .07 –0 .88 1 .36 573,255

Pay satisfaction 3 .59 4 1 .15 –0 .73 1 .43 572,853

Motivation 4 .58 5 0 .65 –2 .04 0 .82 601,274

Leadership trust 3 .96 4 1 .18 –1 .08 1 .36 582,758

Leadership motivates 3 .17 3 1 .25 –0 .29 1 .55 565,650

Meritocratic promotion 3 .25 3 1 .23 –0 .43 1 .52 558,198

Goal clarity 3 .64 4 1 .1 –0 .84 1 .39 569,466

Task clarity 4 .13 4 0 .87 –1 .38 1 .12 598,601

Source: Original table for this publication .
Note: The table shows the mean, median, standard deviation (SD), skew, and Shannon’s entropy for each variable in each survey data set we analyze . Skew 
indicates the extent to which observed values divert from the balance of observations on each side of the scale characteristic of normal distributions . Shannon’s 
entropy is a measure of variation for categorical variables . It describes the log likelihood of a category’s being observed . If the measure equals zero, then all 
observations are of the same category . If the measure equals one, then the number of observations per category is equal (or near equal) . For the aggregate 
panel, the numbers presented are a simple average of those presented for individual surveys in the rest of the table . — = not measured .

on leadership and promotion. Thus, current practice in measure design compacts a significant proportion of 
the variation into a minority of the response categories. This limits discriminating variation and the effec-
tiveness of the measures.

Second, we find that responses vary more for measures that assess institutional characteristics, such as 
leadership, and the extent to which respondents perceive promotion to be linked to performance, relative 
to questions about individual characteristics. As the aggregate panel of table 21.2 shows, measures related 
to these topics all have standard deviations above one, while variation in measures of job satisfaction and 
motivation are lower. As can be seen in figure 21.2, responses about the respondent’s characteristics tend to 
be rated toward the top of the scale for most individuals. This pattern tends to hold in all of the countries we 
assess.

A different way to see the relative variation in variables related to organizational features is presented in 
figure 21.3. The figure presents the standard deviation of individual topics across our surveys. The first three 
topics relate to measures of the self (how motivated a person is), the second group to interactions between 
the individual and the organization (the extent to which an individual understands the organization’s 
goals), and the third group to perceptions of organizational characteristics (whether leadership is trusted). 
Figure 21.3 makes clear that across surveys and countries, we see a surprisingly large degree of commonality 
in which topics vary more than others and in the extent of variation for a single topic. This implies that there 
are commonalities in the nature of survey responses across settings. Comparing across topic groups, we see 
that concepts related to a general assessment of the organization exhibit greater variation than those more 
focused on the self. 

Since the data are rather skewed, relying on standard deviation as a summary statistic has its drawbacks. 
Patterns gleaned from looking at the standard deviation and skew of all measures are reflected in Shannon’s 
entropy index. The index equals zero when all observations assume one value and increases as observations 
tend to assume different values in equal proportions. Using Shannon’s entropy index, the variation in the 
aggregate panel ranges from 0.85 to 1.36. As a benchmark, if responses are uniformly distributed over a 
five-point scale, Shannon’s entropy index equals one. Similar to values of standard deviations, the highest 
diversity according to Shannon’s entropy index lies in leadership and performance questions, while motiva-
tion has the lowest index value (0.85), meaning the least diversity. When looking at measures within coun-
tries, rankings of diversity hold up in most cases where comparisons can be made, suggesting that patterns of 
diversity in responses apply across country contexts.
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FIGURE 21.2 Distributions of Standardized Scores

Source: Original figure for this publication .
Note: The panels (corresponding to distinct topics) are ordered in ascending order of the standard deviation (SD) of the measure across 
surveys . The standard deviation shown above each panel is an average of those in the underlying surveys .
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FIGURE 21.3 Average Response Variance across Surveys and Question Topics
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Note: Horizontal lines illustrate the average standard deviation (y-axis variable) across a given group of questions .

Fourth, the results in table 21.2 suggest that sample size is not a central mediating factor in the extent 
of variation. The degree of variation in surveys with a thousand or so respondents is not dissimilar to those 
with tens or hundreds of thousands. One interpretation of this fact is that the underlying distributions across 
public service entities are relatively stable and are not simply artifacts of measurement error. This could be 
taken as validation of our approach.

FOR WHOM DO PUBLIC SERVICE SURVEY MEASURES VARY?

To what extent do the survey measures documented in the last section vary substantively by country, organi-
zation, unit within the organization, and demographics? To investigate this question, we fit fixed-effect mod-
els to our focal measures and compare the explanatory power of these features.12 For all surveys, we exclude 
subunits that have fewer than two respondents (2.2 percent of all respondents with nonmissing values of unit 
and subunit variables).

The results of a series of analysis of variance (ANOVA) exercises are displayed in table 21.3. Here, the 
dependent variable is the measure of the topic of interest, and each row of a panel is a distinct regression 
including variables outlined in the “Models” column. Demographic models include the variables listed 
above—that is, gender and tenure in public service, as well as age (for all except the United States) and 
managerial status (for Chile, Colombia, Ghana, Guatemala, and the United States). “Country,” “unit,” and 
 “subunit” indicate the inclusion of fixed effects at the corresponding level, with unit and subunit defined 
along the lines outlined in table 21.1.

A broad assessment of the measures we include, which are typical factors drawn on in reports on public 
service surveys, indicates that they all explain a significant portion of the variation we seek to explore. Of the 
24 F-tests we undertake, all are significant at the 5 percent level.
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TABLE 21.3 Compare Models: ANOVAs, Nested

Variable Model
Residual 

df RSS df
Sum of 
squares F-stat Pr R2

Adjusted 
R2

Job 
satisfaction

Demographics
Demographics + country
Demographics + country + unit
Demographics + country + unit + subunit
Nested RE model

616,400
616,394
616,091
614,047

694,485
685,684
675,248
665,135

6
303

2,044

8,801 .12
10,436 .06

10,113 .33

1,354
32

4 .57

0 .00
0 .00
0 .00

0 .01
0 .02
0 .04
0 .05
0 .24

0 .01
0 .02
0 .04
0 .05

Pay 
satisfaction

Demographics
Demographics + country
Demographics + country + unit
Demographics + country + unit + subunit
Nested RE model

609,406
609,399
609,130
607,351

826,499
795,521
782,511

749,507

7
269

1,779

30,977 .73
13,010 .01

33,004 .34

3,586
39 .2

15 .03

0 .00
0 .00
0 .00

0 .01
0 .05
0 .07
0 .10
0 .40

0 .01
0 .05
0 .06
0 .10

Motivation Demographics
Demographics + country
Demographics + country + unit
Demographics + country + unit + subunit
Nested RE model

642,380
642,375
642,093
640,062

277,121
272,429
270,640
267,870

5
282

2,031

4,692 .82
1,788 .93
2,769 .50

2,243
15 .16
3 .26

0 .00
0 .00
0 .00

0 .01
0 .02
0 .03
0 .04
0 .44

0 .01
0 .02
0 .03
0 .04

Leader: Trust Demographics
Demographics + country
Demographics + country + unit
Demographics + country + unit + subunit
Nested RE model

608,171
608,167

608,033
607,044

839,113
838,490
830,463
819,823

4
134

989

622 .87
8,027 .20

10,640 .20

115 .30
44 .36

7 .97

0 .00
0 .00
0 .00

0 .01
0 .01
0 .02
0 .03
0 .05

0 .01
0 .01
0 .02
0 .03

Leader: 
Motivation

Demographics
Demographics + country
Demographics + country + unit
Demographics + country + unit + subunit
Nested RE model

591,842
591,838
591,679
590,411

928,523
924,733
89,700

876,150

4
159

1,268

3,789 .80
27,730 .55
20,852 .75

638 .46
117 .5
11 .08

0 .00
0 .00
0 .00

0 .01
0 .01
0 .04
0 .06
0 .14

0 .01
0 .01
0 .04
0 .06

Meritocratic 
promotion

Demographics
Demographics + country
Demographics + country + unit
Demographics + country + unit + subunit
Nested RE model

585,446
585,439

585,171
583,544

868,379
861,128

842,951
824,321

7
268

1,627

7,250 .71
18,177 .21

18,629 .89

733 .26
48 .01

8 .11

0 .00
0 .00
0 .00

0 .02
0 .03
0 .05
0 .07
0 .27

0 .02
0 .03
0 .05
0 .07

Goal clarity Demographics
Demographics + country
Demographics + country + unit
Demographics + country + unit + subunit
Nested RE model

601,764
601,757
601,488
599,824

723,096
712,487
698,168
685,129

7
269

1,664

10,608 .59
14,319 .39

13,039 .43

1,327
46 .60

6 .86

0 .00
0 .00
0 .00

0 .01
0 .03
0 .05
0 .06
0 .23

0 .01
0 .03
0 .04
0 .06

Task clarity Demographics
Demographics + country
Demographics + country + unit
Demographics + country + unit + subunit
Nested RE model

649,539
649,532
649,155

646,343

486,185
482,436
477,083
470,732

7
377

2,812

3,748 .90
5,353 .09
6,351 .41

735 .4
19 .50

3 .10

0 .00
0 .00
0 .00

0 .01
0 .02
0 .03
0 .04
0 .34

0 .01
0 .02
0 .03
0 .04

Source: Original table for this publication .
Note: The first four lines for each variable summarize test statistics for analyses of variance and how the model fit compares to the next more complex model . 
The first row refers to a model that only includes demographic predictor variables . These include the respondent’s gender and tenure in public service, as well 
as age (present in all surveys except for the United States) and managerial status (for Chile, Colombia, Ghana, Guatemala, and the United States) . Individual 
missing values for age and tenure are imputed using the median and mean values, respectively . Missing values for the gender and managerial status variables 
are assigned to the “missing” category . Rows two through four progressively add country, unit, and subunit level dummies to the model . The F-test for each 
model indicates whether it has a better fit than the simpler model specified above . Models with lower residual sums of squares (RSS) and a higher (adjusted) 
R-squared explain a larger proportion of the variance . The last, fifth, line for each variable reports the model fit for a nested model that nests subunits into units 
and units into countries . If the R-squared of the nested model is larger than the values in the lines above it, the nested model is a better fit . ANOVAs = analyses 
of variance; df = degrees of freedom; Pr = probability associated with the F-statistic; RE = residual error .
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Our analysis begins with an assessment of the extent to which basic demographic characteristics of respon-
dents are predictive of their answers. Demographics explain between 0 and 2 percent of the variation across 
measures, with no clear pattern across different measures. Of the demographic variables, managerial position 
tends to explain the largest portion of variation, followed by age, gender, and tenure. Thus, public service 
 measures vary most for managers compared with nonmanagers in the data sets we study.

Our ANOVA results suggest that the determinants of variation we observe are mediated by the nature 
of the variable. Country effects are significant throughout the analysis, but these may pick up both national 
commonalities in responses as well as differences in survey wording, enumeration, and so on. They are 
particularly important for respondents’ assessments of their own characteristics, such as motivation, job 
satisfaction, and pay satisfaction. Thus, though more intimate features of self-identity vary the least, they are 
the most likely to be predicted by demographic features or national boundaries.

In rows three and four of each panel in table 21.3, we add measures of institutional structures indi-
cating the unit and subunit the respondent works in. Focusing on the sum of squares each set of variables 
explains, we see that relative to country fixed effects, the institutional features explain a small proportion of 
the variance in job satisfaction, pay satisfaction, and motivation, in comparison to their much more signif-
icant role in assessments of leadership and organizational features (such as the extent to which promotions 
are generally meritocratic and how individual respondents understand organizational goals and tasks and 
their relationships to them). Institutional variables therefore appear to have more predictive power for those 
variables more closely aligned to hierarchy.

Intuitively, institutional structures are more predictive of those features of public service life generated 
by those structures. This implies that elements of public service defined most fully within the individual 
respondent, such as motivation, are in fact relatively stable across institutional settings. The core motivation 
of public servants seems relatively robust to their office, while perceptions of the quality of leadership are 
highly dependent on the unit and subunit in which an official works.

We perform a series of robustness exercises. Since three countries use different scales for three measures, 
we perform a robustness check whereby we rerun the main models excluding these countries. The results are 
presented in table I.2 in appendix I. We also rerun all analyses on data without imputation, using a listwise 
deletion instead. The results are presented in table I.3 in appendix I. Regression diagnostics indicate that 
none of the variables of interest has normally distributed error terms (see table I.4 in appendix I). Therefore, 
we rerun all models with the outcome variables transformed using Box-Cox transformations (see figure I.1 
and table I.3 in appendix I for details). The robustness checks broadly support our core results.

Finally, we also fit mixed models in row five of each panel of table 21.3. Fixed-effect models do not 
account for the nested structure of data—public administrators who are located within subunits are nested 
in units that belong to organizations.13 The mixed models have fixed effects for demographics, country, and 
unit and random effects for subunits nested within these. We do not fit random slopes as our main set of 
predictor variables is categorical and we have no clear hypotheses of interactions between predictor vari-
ables. Taking into account the nested structure of the explanatory variables does not significantly alter the 
interpretation.

DISCUSSION

There is little systematic evidence available on variation in the measurements typically used to assess the 
nature of public administration. In this chapter, we have provided descriptive statistics for, and assessed 
variation in, a range of the most common indicators of public administration. We have done so based on 
a unique data set of public service surveys conducted in 10 countries in Africa, Asia, Europe, and North 
and South America. The statistics presented in table 21.2 provide benchmarks for other analysts to use 
in assessing variation in their own surveys of public servants. They answer the question “Which public 
service survey measures vary?” The analysis in table 21.3 provides evidence of which features of public 
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administration are predictive of these measures, and thus answers “For whom do public service survey 
measures vary?”

Our results point to less variation in measures related to personal characteristics, such as motivation, 
than in institutional variables, such as assessments of leadership. Personal characteristics are predicted more 
strongly by demographics and country fixed effects than institutional features, which are more strongly 
predicted by the units and subunits in which respondents work. The most substantial variation in surveys 
of public servants is in organizational characteristics, and these are determined by the office a respondent 
works in.

Our findings may reflect both the design of questions common in public servant surveys as well as a 
skew in the latent features of public service on which we have focused. For example, it may be that moti-
vation is very high across all the public service entities we study, and our measures accurately reflect this. 
However, the negative skew we observe may be an indication that survey questions could be better designed 
and analyzed to explore the variation at the top of affected measures. Given the ambition of this chapter to 
inform the design of public servant surveys, we conclude with a discussion of avenues for responding to this 
finding.

Developing More-Discriminatory Measures

Validity of Scales and Skew
The first question raised by the compressed variance and extreme skew in most of these measures is whether 
these are artifacts of the survey measures employed, or whether they capture the realities of public admin-
istrations. As the introduction of this chapter summarized, for some measures, particularly motivation 
and leadership scales, an extant body of research on their validation reinforces our findings as reflections 
of  reality. However, this does not preclude the possibility that current measures do not adequately capture 
distributions of concepts in real populations.

Observed patterns of skew could be driven by several factors related to measurement: social-desirability 
bias (see Kim and Kim [2016] for a discussion related to public service motivation), cognitive biases related 
to the choice of reference category, and extreme response bias (Tourangeau 2003). Public administrators may 
feel pressured to indicate high levels of motivation, for instance, in case their responses are ever disclosed 
(even if such disclosure never occurs in practice). Alternatively, there may be no desirability bias at play, but 
skew and kurtosis may simply be driven by cognitive biases. For instance, the medium fallacy is a common 
psychological bias that makes people believe they are better than the average person (which, statistically, 
cannot be true for everyone). Extreme response bias may also explain some of the observed patterns. It has 
been shown that some individuals have a greater tendency to pick extreme points on scales than others 
(Hibbing et al. 2019). One approach to these concerns is to tweak questions so that their scales have a greater 
range of options to discriminate between higher values of response. Another is to provide anchors to which 
respondents can relate their experiences.

Analysis Strategies and Skew
If measures are valid, the second concern raised by our observations of extreme skew in the data pertains to 
analysis methods. How can an analyst approach highly skewed data? There are several strategies that can be 
pursued to help address them.

The first is to include other questions in surveys that allow analysts to quantify the potential drivers of 
skew. For example, surveys could include social-desirability scales, which could then be used in regression 
analysis to (partially) control for bias introduced via this avenue.

A second strategy is to reweight data points by using transformations such as the log or Box-Cox trans-
formations, as used in this chapter. Such an approach can “smooth out” the distribution of a skewed variable, 
conditional on a reinterpretation of the corresponding results.
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Another strategy is to approach skewed responses differently than other points in the data. Several 
sophisticated strategies have also been developed to deal with extreme response bias. For example, item 
response tree (IRTree) models adjust for extreme responses by modeling a two-stage decision-making 
process. The multidimensional nominal response model (MNRM) recodes extreme responses as a separate 
dimension and includes them as dummies in regressions. Partial credit models use random effects to control 
for biases introduced by extreme responses (see Falk and Ju [2020] for a recent evaluation of their compara-
tive performance).14

As this chapter has illustrated, there is a danger that the error terms of skewed variables are not 
normally distributed (and are potentially also heteroskedastic). Analysts can employ regression 
diagnostics, as used in table I.4 in appendix I, to assess the nature of their data more thoroughly. In 
response to the nonnormality of measures, they might consider employing bootstrapping methods in 
their analysis (see Afifi et al. 2007).

Building the Evidence Base Further
The specific culture of public service will determine the challenges to survey measurement that analysts will 
face. Though international comparisons are useful, particularly given the commonalities we have observed 
across surveys in this chapter, generating evidence on survey design is best done at the survey level. The 
analysis undertaken in this chapter could be repeated for multiple rounds of the same survey or for distinct 
departments or geographical regions covered by a survey. Such work builds a picture of which measures of 
public administration provide discriminating variation and which do not.

It has been difficult to assess the predictive validity of measures standard in public servant surveys. 
Assessments of discriminant validity are more common, but they could be expanded to address the theoret-
ical overlap and imprecision of many concepts utilized in public administration research (see chapter 24 on 
discriminant validity for a recent evaluation). One key problem is that the vast majority of research in public 
administration, and the validation relating to the measurement used, is reliant on surveys (see Strauss and 
Smith [2009] for a discussion of developments in the philosophy of science on construct validity). Using the 
same methodology to test a measure can severely inflate its construct validity. Future research thus faces a 
pressing need to link survey and self-reported data to other ways of measuring the same concepts, such as 
administrative and behavioral data (for example, turnover, sick leave, performance ratings, output efficiency, 
and career progression). None of these measures is superior on its own to survey measurement. However, 
using Campbell and Fiske’s (1959) multitrait-multimethod matrix methodology, the robustness of validity 
assessments of key concepts in public administration research can be improved: if the measured concepts are 
universal, they should manifest in different contexts and be detectable with a variety of methods. Their quan-
tities should not change substantially as a function of method. Where adequate quantitative data are missing, 
qualitative methods could help to assess the validity of survey measures (see chapter 4 for a discussion of the 
problems with monolithic approaches to methodology).

Where experimentation is feasible, analysts may build evidence as to what is driving the (skewed) vari-
ation in responses. Cognitive biases could be addressed by using randomized controlled trials to systemati-
cally evaluate which features of a survey might cause greater skew in response. By combining this evidence 
with objective measures, where available, analysts can answer the questions posed in the title of this chapter 
with increasingly granular detail for their survey(s) of interest.

NOTES

1. Given that so many features of public administration may vary across units of observation, and the challenge of measuring 
these features, the use of surveys seems a natural response. An alternative approach would be to use administrative data to 
measure variation—for example, by using the extent to which officials leave a department (turnover data) as a measure of 
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satisfaction. But such a measure is very crude, only measuring satisfaction once it is at its lowest level and an official leaves 
the department, and has a range of other issues. Survey variation helps us understand the extent to which respondents 
perceive or experience things differently or similarly across the full distribution of values by asking the party of interest 
directly. 

 2. A survey measure is valid when it appears to measure the concept of interest (face validity) and covers relevant dimensions 
of the concept of interest (content validity), as well as to the extent that the measurement correlates with those that 
theoretically should be correlated (criterion validity) and captures variation not already captured by other variables 
(discriminant validity) (see chapter 24).

 3. This reliance is very much based in the difficulty of accessing alternative data sources and the latent nature of most concepts 
of interest.

 4. Guajardo (1996) looks into variation in demographic variables used as a proxy for diversity and representation in the public 
sector but restricts attention to studies with this common source bias.

 5. This is not to say, of course, that there is not significant scholarship on these organizational psychology concepts in the 
public service (Esteve and Schuster 2019). Dozens of studies have, for instance, focused on leadership in the public sector. 
These organizational psychology concepts have, however, not been aggregated into a separate model of civil service 
governance, akin to Weberianism or new public management.

 6. Measures of pay satisfaction are intimately linked to job satisfaction. They are commonly measured as a part of job 
satisfaction or separately, via a single item.

 7. As evidenced by private correspondence between the authors and the Australian, Canadian, Irish, UK, and US 
governments, which forms the basis of the more in-depth case studies of measurement featured in chapters 25 and 26.

 8. For example, in Ethiopia, the question on pay satisfaction was phrased “To what extent would you say you are satisfied with 
your salary?”; in Liberia, it was “How satisfied are you with your total income?”; and in Ghana, it was “My salary is very 
satisfactory.”

 9. The exception is work motivation, which is measured the same for all but three surveys. In Ethiopia, Liberia, and the 
Philippines, civil servants were asked to compare their motivation today to when they started. In Ethiopia and the 
Philippines, they were provided with an answer scale ranging from 0 to 100, while in Ethiopia, a 0–10 scale was used. In 
Ghana, civil servants were asked to rate the extent to which they “would feel an obligation to take time from my personal 
schedule to generate ideas/solutions for the organization if it is needed.”

10. All surveys have data available on the respondent’s gender and tenure in public service. The age variable is missing for the 
United States, and the managerial level is missing for China, Ethiopia, Liberia, the Philippines, and Romania.

11. Regression diagnostics indicate that none of the variables of interest has normally distributed error terms (see 
appendix I).

12. Our core approach uses F-tests to test for statistical significance, but we also run Wald tests using robust standard errors, 
and results do not differ.

13. Note that the unit-inside-organization classifier is not homogeneous across countries. For instance, in some cases, units 
are ministries, while in others, they are local governments, while subunits may refer to teams inside ministries or regional 
offices of ministries, for instance.

14. All such models can easily be implemented in standard statistical software; for example, in R, using packages such as mirt 
and eRm.
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