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Widespread discussion about AI’s impact on the labor market

= s FORTUNE

[0 Business Insider
The Al coding apocalypse

In the age of artificial intelligence, entry-level coders are doomed. But some engineers

Software engineer lost his

$150K-a-yea_lrjob to Al— are thriving.
he’s been rejected from
800 jobs and forced to Feb 25, 2025

DoorDash and live ina
trailer to make ends meet

Py .

& The New York Times
For Some Recent Graduates, the A.l. Job Apocalypse May
Already Be Here

The unemployment rate for recent college graduates has jumped as companies try to

& The New York Times
Opinion | A ‘White-Collar Blood Bath’ Doesn't Have to Be Our
Fate

Instead of asking which future is coming, we should be asking which future we want

2 days ago replace entry-level workers with artificial intelligence.
4 weeks ago
A Axios & The New York Times

Opinion | I'm a LinkedIn Executive. | See the Bottom Rung of
the Career Ladder Breaking.

Eventually, A.l. will create plenty of jobs. The World Economic Forum predicts that
intelligence — has a blunt, scary warning for the. number could be as high as 78 million more jobs, even after...

Behind the Curtain: Top Al CEO foresees white-collar
bloodbath

Dario Amodei — CEO of Anthropic, one of the world's most powerful creators of artificial

1 month ago 1 month ago
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“Canaries in the coal mine” for AI’s impact

Are we already seeing changes in the labor market
driven by AI? Particularly for entry-level workers?

> ADP: monthly payroll records through September 2025 for millions of workers
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Fact 1: Employment Declines for Young, Exposed Workers

Headcount Over Time by Age Group
Software Developers (Normalized)
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Headcount Over Time by Age Group
Customer Service (Normalized)

Similar findings for customer service
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Opposite patterns for health aides

Headcount Over Time by Age Group
Health Aides (Normalized)
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» Exposure from Eloundou

>

Findings hold more generally across exposure levels

et al. (2024)
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Fact 2: Overall a relative slowdown in entry-level hiring

Headcount Over Time by Age Group
(Normalized)
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Slowdown driven by jobs exposed to Al

Growth Decomposition by Age Band
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Could be driven by other changes in US economy. Test alternatives.

9/21



Fact 3: Employment | in jobs where AI automates work
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Fact 3: Employment 1 in jobs where AI augments work
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Fact 4: Robustness to Firm-Level Shocks

» Alternative explanation: industry- or firm-level shocks correlated with
occupational sorting (e.g., interest rate changes).

> Event study Poisson regression with firm-time and firm-quintile fixed effects

10g(Elyra) = Y > vt =iY{d =} +apg+ Brat+eqn (1)
q¢#Lj#-1

Run separately for each age group
» Absorbs shocks that affect all workers in a firm
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Fact 4: 16%

relative |

in employment for exposed young workers
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Fact 5: No clear divergence in compensation
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Fact 6: Trends hold under alternative analyses

Excluding tech sector

Teleworkable vs non-teleworkable jobs
College vs non-college workers

Men and women

Part-time and temporary workers

ARSI .

6. Occupational interest rate exposure

And more in the paper
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Consistent with new evidence in the UK (Klein Teeselink, 2025)

Figure 2: Effect of LLM exposure on firm-level seniority of jobs

(a) Low seniority jobs (b) High seniority jobs
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Al and Labor Markets:
What We Know and Don’t Know
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My Thoughts on AI and the Labor Market

» The overall impact of Al on aggregate employment is likely small right now
» Al may be diminishing hiring for Al-exposed entry-level jobs

Next steps:
» Building employment trackers using high-quality data
> Better targeted, faster, easier public data
» Firm Al adoption data
» Job/occupational Al exposure measure
>

Look within the entry-level worker labor market (increased inequality, etc.)
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Can we shape the direction of AI progress?




Connecting theory, data, and policy

» What data to collect?
» What policies under consideration?

» How to form predictions about those policies?
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Thanks!

ruyuchen@stanford.edu
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No computer occupations
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Teleworkable jobs
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Non-teleworkable jobs
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Longer horizon

Headcount
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Longer horizon
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Longer horizon - Automation
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Longer horizon - Augmentation
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Greater than 70% college educated
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Less than 30% college educated

Early Career 1 (22-25)

Early Career 2 (26-30)

N
g g % e F H] H H ] e F H H
Developing (31-34) Mid-Career 1 (35-40)
N ST /)
N~
/ [reegp——]
w . {exposed exposed |
{overan
g g g H H ] g H Bl ® H H
Mid-C: Senior (50+)
§ § M
£, / 77777777777777 £, / 777777777777777
P —— 7 [ ——
ol lexposed exposed |, | exposed exposed|

11/21



Men

Early Career 1 (22-25)

Early Career 2 (26-30)

fless ™
ol o exposed
Loversll_-
g g % e F H] H § ] e F H g
Developing (31-34) Mid-Career 1 (35-40)
[less ore |
ol o {exposed exposed |
lo J
N % owe N N ose N N
Mid-Career 2 (41-49) Senior (50+)
[reepp— / [ py—
ol {exposed exposed |, | exposed exposed|
I loverat —— |
g f e F ] ] ] H] f e F H H

12 /21



Women
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Including part-time and temporary workers
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Early Career 2 (26-30)
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Correlation between interest rate and AI exposure

Correlation between Interest Exposure and GPT-4 Beta

Pearson r = -0.346, p < 0.001
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Low interest-rate exposure occupations

Early Career 1 (22-25) Early Career 2 (26-30)
S1 1ol /
fless Wore | [ yp—|
o |exposed exposed) |, | exposed exposed)
|overan | |oveat |
& < e & k4 s & & £ < & <
Date Date
Developing (31-34) Mid-Career 1 (35-40)
& K £ 5 & 5 e ks & 5 & 5
oate
Mid-Career 2 (41-49) enior (50+)
I e / [ ———
- {exposed exposed |, | exposed exposed|
loveran — | lovera ——— |
Date " Date

16 /21



High interest-rate exposure occupations
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By exposure quintile in the CPS
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