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Abstract 

 

The geography of AI deployment in middle- and low-income countries (MIC/LICs) is determined less 
by model capability than by the cost of capital for AI’s physical complements — data centers, 
networks, power, and digital public infrastructure. The lens is diffusion: where mobile telephony 
spread on accessibility, affordability, and consumer confidence, with its capital following demand 
tower by tower, AI spreads on complements so capital-intensive that its diffusion frontier is set by 
who bears the risk of financing them. These are sunk, long-lived, location-bound assets exposed to 
regulatory reversal, sovereign non-payment, and, increasingly, deliberate targeting in armed conflict. 
Faced with these risks, private lenders and insurers either decline to cover them or charge premiums 
that make projects unviable — so without risk-sharing, these assets are built late, at smaller scale, or 
only where perceived risk is already low. These foundations fail people the way basic services do — 
never built where they are needed, unreliable where they exist, unaffordable for those with the 
most to gain — making capital mobilization a service-delivery question, not only a financial one. This 
paper makes three contributions. First, it maps, for the first time as an integrated system, the 
layered de-risking ecosystem available to these assets — the World Bank Group Guarantee Platform, 
regional multilateral insurers, bilateral development finance institutions, specialist local-currency 
guarantors, and the private political risk market, together with the AI-specific capacity that has 
formed around them since 2025 — and reads its emerging digital transaction record. Second, it 
documents an asymmetry in the evidence on risk pricing: pooled MDB/DFI credit data suggest that 
classic political and credit risks in MIC/LICs have been over-priced relative to realized default and 
recovery performance, while genuinely novel perils — kinetic attacks on digital infrastructure, 
climate stress on thermally fragile compute — lack the loss history on which actuarial pricing 
depends, a non-stationarity that existing underwriting frameworks do not yet confront. Third, it 
shows the digital de-risking book evolving as the power sector’s once did — from license and 
expropriation risk toward sovereign off-take and conflict risk, with war and civil disturbance 
coverage becoming the pivotal instrument in fragile settings. The paper closes with the 
underwriting, conditionality, capacity, and measurement changes this migration requires, and with a 
typology of where de-risking is — and is not — the binding constraint. 
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1. Introduction: One Model, Two Geographies 

In a district hospital in northern Uganda, a clinical officer sees more patients before noon than a 
specialist in Kampala sees in a week. An AI triage assistant of the kind her counterparts in the capital 
now use daily could help her catch the cases she has seconds to judge. The model is inexpensive, 
works in the languages her patients speak, and runs on the smartphone already in her pocket. But 
the tool she needs sits on the far side of several missing infrastructure complements — the data 
center, the network, the payment rail that would carry it to her. The mobile connection at the 
hospital drops for hours; the power comes from a fuel-rationed diesel generator; the nearest data 
center that could host the patient records the tool would draw on is across a border; and the 
payment rail that would let the health ministry pay for the service per use does not reach her 
district. She and her Kampala counterpart are equally capable, and the model serving them is 
identical. The distance between the two clinics is not measured in model capability. It is measured in 
infrastructure that has not been financed. One model, two geographies: identical capability on both 
sides of the distance, but only one side sits on financed foundations — and what divides them is not 
technology but the cost of capital. 

Whether infrastructure gets financed is a question with a long lineage at the World Bank Group. 
Its flagship World Development Report (WDR) for 2004, Making Services Work for Poor People, first 
placed at the center of the Bank’s analytical agenda the question of whether the systems built in 
poor people’s name can actually reach them (World Bank 2003). The 2016 WDR on Digital Dividends 
carried that question into the digital economy; the 2026 WDR on The Promise of Artificial 
Intelligence now poses it for AI, identifying various “complements” — infrastructure, digital skills, 
and trust in institutions — as what determines whether AI tools can be made available to everyone.  

This paper carries that twenty-year question to its most capital-intensive frontier. If the WDR 2004 
asked whether schools and clinics reach the people they were built for, and the WDR 2016 asked it 
of connectivity, the question this paper asks is whether the infrastructure complements or the 
physical foundations of AI — the data centers, networks, payment platforms, and electricity on 
which every AI application stands — will be financed in countries where the development returns 
are highest, or only where the perceived risks are lowest.  

The answer, we argue, turns on risk: on who prices it, who absorbs it, and whether the institutions 
built to do both adapt to an asset class they did not anticipate. Figure 1 makes those foundations 
explicit. Every AI application stands on the same four-layer stack — power, connectivity, compute, 
and digital public infrastructure — and each layer has a characteristic binding risk, though the perils 
overlap and often compound. The stack is the unit of analysis for what follows — the asset class 
whose exposure, de-risking ecosystem, and transaction record this paper maps layer by layer. 



Figure 1. The digital foundations of AI 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Source: Authors, building on the complements framework of World Development Report 2026.  

Two decades ago, research on the diffusion of mobile telephony — including our own (Dahan 
2015) — found adoption governed principally by socio-cultural and demand-side determinants. 
Consistent with the diffusion-of-innovations framework (Rogers 2003), mobile uptake was a function 
of the technology's relative advantage, its compatibility with existing practices, its trialability, and its 
observability within social networks: capital requirements at the point of adoption were modest, 
subsequent network investment followed demonstrated demand, and diffusion propagated through 
communication channels and peer effects rather than through the capital markets. 

AI is a different kind of general-purpose technology. Mobile networks absorbed heavy capital too 
— some of it de-risked by the very institutions this paper maps — but that capital was committed 
incrementally, tower by tower, behind demonstrated subscriber demand.  

AI’s infrastructure complements are capital-intensive, lumpy, committed ahead of proven 
demand, and physically concentrated, so its diffusion is strongly shaped by cost of capital  — and 
the cost of capital in MIC/LICs is governed by risk (Bekaert et al. 2016). Where mobile phone 
diffusion was heavily shaped by affordability and network effects, AI’s diffusion in MIC/LICs is far 
more constrained by capital for physical complements.  
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That asymmetry is why, wherever insurable risk is the binding constraint, the institutions that reprice 
and underwrite risk — rather than the engineers who improve AI models — hold the pen on AI's 
geography.  

That claim, and its limits, are the thesis this paper develops. Our argument runs in three steps. 
First, AI’s physical complements carry the risk profile — sunk cost, long horizon, location specificity 
— that the political economy literature identifies as most exposed to government action, and to 
which recent conflicts have added a kinetic layer that commercial insurance excludes (Section 2). 
Second, an entire ecosystem of institutions already exists to absorb these risks — multilateral, 
regional, bilateral, local, and private — with a growing transaction record in adjacent sectors and, 
increasingly, in digital assets themselves (Sections 3 and 4). Third, the record shows this de-risking 
book is not static: like the power sector before it, digital coverage is migrating from license and 
expropriation risk toward sovereign off-take and conflict risk, and the institutions that adapt their 
underwriting, conditionality, and capacity to that migration will determine how broad the geography 
of AI’s benefits becomes (Sections 5 and 6). The claim is analytical rather than econometric: we 
document a risk profile, an instrument set, and a transaction record; we do not estimate the causal 
contribution of de-risking to deployment, which pooled data — with digital assets not yet broken out 
in any shared database — do not yet permit. We are also explicit about where this argument does 
not reach: de-risking is neither necessary nor sufficient in all settings. Guarantees matter where 
investment is commercially viable except for insurable risks; where the binding constraint is power 
supply, market size, skills, or demand itself, coverage changes the price of capital that still has no 
reason to arrive — and in a number of low-income settings, that is the case. 

2. The Risk That Decides Where AI Lives 

2.1 An old problem with a new asset class 

Political risk raises the cost of capital before anything happens. A half-century of scholarship 
documents the mechanism: investors discount expected returns on assets that a host government 
could impair, and the discount is deepest for investments that cannot leave the territory — large, 
irreversible, immobile, and dependent on government conduct over decades (Vernon 1971; Kobrin 
1979, 1980; Henisz 2000; Jensen 2003; Busse and Hefeker 2007). Weak host-country institutions — 
fragile rule of law, unpredictable regulation, poor contract enforcement — deter foreign direct 
investment (FDI) most in precisely the infrastructure sectors development requires (Asiedu 2006; 
Bénassy-Quéré, Coupet, and Mayer 2007). Multilateral development banks, meanwhile, participate 
disproportionately in loan syndicates where political risk is highest — evidence that lenders read 
their presence as protection, not just capital (Hainz and Kleimeier 2012). 

A hyperscale data center is a textbook case of the exposed asset: hundreds of millions of dollars 
poured into a building that cannot move, whose revenues depend on licenses, spectrum, data rules, 
electricity tariffs, and currency convertibility — every one of them a policy variable, and each a 
separate surface on which the bargain can obsolesce. The exposure is broader than the classic 
literature contemplated, in two directions. First, regulatory: a data-localization rule can determine, 
by decree, which workloads a facility may host and therefore what its capacity is worth — Ukraine's 
pre-war requirement that state data reside on servers physically located on national territory made 
the asset's core revenue stream a creature of a single statute, one the invasion forced parliament to 
rewrite within days (Smith 2022). Second, physical: the same characteristics that make the asset 
exposed to policy — geographically fixed, economically identifiable, nationally significant — now 
make it exposed to targeting. Russian strikes on Ukrainian data centers and exchange points, and the 
drone attacks on hyperscale cloud facilities in the Gulf (CSIS 2026), confirmed that an asset which 
cannot move cannot be moved out of harm's way; only its workloads can.  
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2.2 The digital obsolescing bargain 

The obsolescing bargain, a term coined by Vernon (1971), implies that once the concrete is 
poured, the investor’s leverage passes to the state. The digital sector is now accumulating its own 
record of the bargain obsolescing. India’s central bank directed in 2018 that payment-system data be 
stored exclusively onshore, forcing foreign payment firms that had built global architectures to re-
engineer them after entry; one that did not comply was barred from onboarding new customers (RBI 
2018, 2021). Pakistan has repeatedly suspended mobile networks and platforms, a risk environment 
its own development diagnostics now flag to investors (ADB 2025). Uganda imposed, abandoned, 
and replaced a social-media tax within three years (CIPESA 2021). Indonesia’s Government 
Regulation 71 of 2019 ran the other way: it dismantled, for private operators, the data-localization 
requirement to which foreign platforms had already built, stranding the compliance investments the 
prior rules had compelled (Government of Indonesia 2019). None of these episodes was an 
expropriation in the classic sense, and not all of them shifted value toward the state. What they 
share is that a major revenue or cost determinant of a sunk digital asset was rewritten after entry — 
the value-shifting cases as modern manifestations of the obsolescing bargain, the others as the 
regulatory volatility investors price the same way. This is the form documented by Hajzler (2012), in 
which outright takings have given way to regulatory and fiscal constraints (Wells and Ahmed 2007; 
Moran 2011). 

Digital infrastructure adds a second exposure the classic literature did not anticipate: sovereign 
off-take. As governments become anchor customers of data centers and digital public infrastructure 
— paying per transaction, per identity verification, per gigabyte hosted — the binding risk shifts 
from the license to the payment obligation, exactly the structure the power sector has managed for 
thirty years through breach-of-contract and non-honoring coverage (Engel, Fischer, and Galetovic 
2014; Estache and Wren-Lewis 2009). 

2.3 Physical perils: kinetic and catastrophic 

The exposure to kinetic and catastrophic risks at scale has stopped being hypothetical.  Until the 
eve of the invasion, Ukrainian law required the state’s data to sit on servers physically located on 
national territory. As Russian missile and drone strikes began causing recurring disruption to data 
centers, internet exchange points, and the electricity that sustained them — among the early strikes 
was one on a government data center — the law was amended within days, and government 
engineers set about evacuating the registries on which a state runs to overseas cloud providers, 
moving the data faster than the strikes could reach the buildings that held it (Smith 2022; Bateman 
2022). What was destroyed had to be rebuilt; what was evacuated kept working. Sudan’s civil war 
destroyed telecommunications infrastructure and produced prolonged nationwide outages (Internet 
Society 2024). And in March 2026, drone strikes damaged hyperscale cloud facilities in the Gulf — all 
operated by a single U.S. hyperscaler, an ownership fact with coverage consequences, since home-
country conflict exclusions condition which public insurers can respond — prompting insurers and 
investors to re-read the war exclusions in standard infrastructure coverage (CSIS 2026).  

The pattern is consistent, and it runs in two steps. First, concentration creates the target: as AI 
workloads gather in buildings that are geographically identifiable and economically valuable, the 
asset acquires a military salience it never sought. Second, the target unravels its own coverage: 
commercial insurers, free to exit at each annual renewal, answer a peril they cannot price with 
exclusion and withdrawal — war cover, where it exists at all, is annual, thin, and cancellable, not 
protection at the tenor the asset requires. A drone strike thus lands twice: once on the building, and 
once on the cost of capital for every building like it. 

Conflict is not the only physical peril that strains commercial coverage. Data-center compute is 
thermally fragile and often reliant on water-intensive cooling, and recent analysis finds that 79 
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percent of global data-center capacity faces elevated acute hazards — flood, wind, and wildfire — 
and over half faces chronic extreme-heat and drought stress, increasing the likelihood of outages 
and sharply higher insurance and adaptation costs (First Street 2026). In many exposed MIC/LIC 
markets, catastrophe cover for critical infrastructure can be limited or prohibitively expensive for 
public buyers. The constraint binds hardest for small island states, whose administrative 
infrastructure increasingly runs end-to-end on digital systems they cannot insure against the climate 
they live in. For AI-era infrastructure in MIC/LICs, the relevant category is therefore wider than war: 
two classes of physical peril — deliberate and climatic — sit outside standard commercial coverage, 
and both point to the same multilateral balance sheets. 

2.4 The result: a political risk gradient 

The consequence of these exposures — regulatory, sovereign, kinetic, and climatic — is visible in 
where the capital goes. Aykut et al. (2026) document a 74 percent year-on-year increase in cross-
border data center investment in 2025 — alongside sharp concentration in a small group of upper-
middle-income markets with low-income and fragile contexts seeing very limited activity. That figure 
refers to cross-border data center investment rather than AI infrastructure broadly, and the pattern 
is consistent with — though not solely explained by — investors’ political and regulatory risk 
assessments: the geography of data center investment tracks a political risk gradient, among other 
drivers, rather than the development demand for AI’s complements.  

3. The De-Risking Ecosystem 

A layered ecosystem has grown up over the ninety years since the first export-credit agencies of 
the 1930s. What is new is not the architecture but its composition: since 2025, the settled core has 
been joined by the first entrants organized around the AI asset class itself. This section therefore 
maps the ecosystem in two parts — the core that already holds the risk, and the new entrants 
forming around it — before turning to the evidence base they share.  

Figure 2 locates the principal players by the risk layer they cover, the markets they reach, and their 
indicative scale. 
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Figure 2. The de-risking ecosystem for AI-adjacent digital infrastructure: risk layer, market reach, 
and indicative scale. 

 

 

 

 

 

 

 

 

 

 

 

 

Source: Institutional disclosures compiled by the Authors. 

Note: Scale annotations use each institution’s own reported measure (cumulative issuance, gross exposure, program 
capacity, claims record, or premiums) and are not directly comparable across institution types. Positions are schematic.  

3.1 The ecosystem core: the multilateral anchor 

At the center sits the World Bank Group Guarantee Platform, which consolidated the guarantee 
businesses of MIGA, IFC, and the World Bank in 2024 and whose cumulative issuance crossed 
US$100 billion in early 2026 (World Bank Group 2026). Its instruments cover the four classic political 
risks — expropriation, transfer restriction, breach of contract, war and civil disturbance — plus credit 
enhancement of sovereign and state-owned-enterprise obligations (NHSFO/NHFO-SOE) and short-
tenor trade finance guarantees, and its concessional edge in the poorest markets comes from the 
IDA Private Sector Window, whose first-loss capacity makes coverage viable where pricing alone 
would not close (World Bank Group 2024c). 

The Platform’s newest structures show what that consolidation makes possible: portfolio-mode 
coverage, in which a single framework de-risks an investment program rather than a project. The 
AMEA Power framework applies the full four-risk instrument set programmatically across up to 
twenty-three renewables and storage projects in Africa, the Middle East, and Central Asia — 
coverage of up to US$1.48 billion, with the first contracts signed in Egypt. The CrossBoundary Energy 
framework extends the same architecture to distributed commercial-and-industrial energy: US$495 
million of transfer and convertibility cover, at tenors to fifteen years, across some one hundred 
generation and storage projects in up to twenty African countries, with IDA Private Sector Window 
first loss in the poorest markets — serving, among others, the mines and telecommunications 
towers that anchor private off-take demand (World Bank Group 2025). The instruments are not new; 
the composition is — a transition from project to portfolio financing that matters directly for an AI 
asset class whose deployment runs the same way: many facilities, many markets, one sponsor. 
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3.2 The regional, bilateral, and specialist layers 

Around that anchor sit the regional multilaterals. ATIDI — founded in 2001 by African states with 
World Bank support, and Africa’s only multilateral investment and credit insurer — has supported 
some US$93 billion of trade and investment since inception, holds an A rating, writes political 
violence and terrorism cover alongside the classic risks, and insures tenors up to fifteen years (ATIDI 
2026). In May 2026 the African Development Bank approved a US$125 million equity injection to 
expand its capacity — a recapitalization of the continent’s own de-risking balance sheet, by the 
continent’s own development bank (AfDB 2026). In the Islamic Development Bank system, ICIEC 
plays the analogous role for its member states, and Dhaman for the Arab region; both are Berne 
Union members alongside their global peers (Berne Union 2025). 

Bilateral development finance institutions bring sovereign-backed balance sheets and, in conflict 
settings, political will. The U.S. DFC has written political risk insurance since 1971 (through its 
predecessor OPIC) with a record that answers the instrument’s skeptics: 311 claims paid totaling 
about US$1.06 billion, of which US$1.02 billion recovered — a 96 percent recovery rate that has kept 
the program self-funding (CGD 2026). In Ukraine, DFC committed a US$357 million political risk 
insurance package in 2023 and a US$50 million facility in 2024 backstopping ARX, a domestic insurer, 
to reinsure war risk for businesses inside the country — cover the private market had abandoned 
after 2014 (DFC 2023, 2024). By 2026, DFC and MIGA had formalized joint political risk coverage for 
the U.S.–Ukraine Reconstruction Investment Fund, whose target sectors include information and 
communications technology — a co-insurance architecture between a bilateral and a multilateral 
built expressly for digital-inclusive reconstruction (DFC and MIGA 2026). 

The local-currency guarantors answer the currency problem the classic instruments only half-
solve. Transfer and convertibility cover protects an investor's ability to convert local earnings and 
move them across the border; what it cannot cure is the mismatch beneath — hard-currency debt 
serviced from local-currency revenues, a depreciation exposure no political risk policy covers, 
because no government conduct triggers it. GuarantCo, the guarantee arm of the Private 
Infrastructure Development Group, issues predominantly local-currency credit guarantees of US$5–
50 million with tenors to twenty years; it has closed US$1.7 billion of guarantees that mobilized 
US$6.8 billion of private investment, much of it from domestic pension funds and insurers who will 
not take dollar risk (PIDG 2025). Its digital record is direct: a US$70 million guarantee enabled 
CamGSM (Cellcard) to issue a certified sustainability bond on the Cambodia Securities Exchange, 
fully subscribed by domestic institutional investors, to expand telecom infrastructure (GuarantCo 
2023). And PIDG has deliberately localized the model — seeding InfraCredit in Nigeria (2017), 
InfraZamin in Pakistan (2020), and Dhamana in Kenya (2024), domestic guarantors that unlock 
domestic capital; InfraCredit has since listed publicly and earned a triple-A domestic rating (PIDG 
2025). For AI’s access layer — towers, devices, distribution — where revenues are earned in shillings 
and naira, this is the layer that matters. 

3.3 The private political risk market players 

The ecosystem mapped above does not compete with the private political risk market; it leans on 
it. That market — Lloyd's syndicates and the specialist divisions of global carriers, with reinsurers 
standing behind both — is capacity that answers to shareholders, prices annually, and can leave. 
Together these insurers hold exposures estimated near US$495 billion across all sectors and country 
groups (BPL Global 2025), and members of the Berne Union — the association spanning public and 
private underwriters alike — collectively supported US$140 billion of long-term capital flows into 
developing countries in 2024, with new PRI-backed FDI running around US$41 billion a year (Berne 
Union 2025; Alschner 2025). The mix is revealing, though: PRI flows overwhelmingly to large, capital-
intensive extractive and manufacturing projects, and renewable energy captured only 4 percent of 
new coverage in 2019–23 (UNCTAD and Berne Union 2025). Within the political risk and export 
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credit reporting systems, digital infrastructure is not separately reported at all — a measurement 
gap this paper returns to. 

3.4 New entrants: capacity organized around the AI asset class 

Every institution in the ecosystem core was built before AI existed to insure. Its oldest balance 
sheets were built for the trade finance of the 1930s; its underwriting categories for the mines, 
plants, and power stations of the postwar decades; its claims experience accumulated on assets 
whose perils changed slowly enough for history to price them. A data center enters that system by 
analogy — the coverage ports, as the record will show, but the institution's knowledge of the asset 
arrives secondhand, through categories built for other things. What began forming in 2025 is 
different in kind: capacity organized around the AI asset class itself, for which the data center is not 
an edge case in someone else's book. 

In the private market, the major brokers have assembled the first dedicated data center facilities: 
Aon’s Data Center Lifecycle Insurance Program was expanded to US$3.5 billion in April 2026, Willis 
launched its Digital Infrastructure Protector solution exceeding US$3 billion in 2026, Marsh’s Nimbus 
program provides up to US$2.7 billion for data center construction, and Munich Re offers up to 
US$250 million of net capacity per data center construction project. Swiss Re estimates that global 
insurance premiums tied to data centers will more than double by 2030, from US$10.6 billion to 
US$24.2 billion — but this is construction and property capacity, organized around hyperscale 
campuses in the United States and Europe, and it is arriving along the political risk gradient, not 
against it: the fastest-growing insurance market in the asset class is deepening exactly where cover 
was never the constraint (Swiss Re Institute 2026). 

The U.S. bilateral agencies — export credit and development finance alike — are acquiring explicit 
AI mandates. The U.S. Export-Import Bank launched an American AI Exports Program in 2025, 
deploying export credit insurance, guarantees, and direct loans for U.S. AI infrastructure, hardware, 
and software under its China and Transformational Exports Program mandate (EXIM 2025); DFC, 
positioned for a substantial expansion of its resources, has identified AI data centers as a target 
sector alongside a widened geographic remit (Bloomberg News 2025).  

The multilateral anchor is reorganizing in response: the World Bank Group now fields a joint 
approach in which IBRD supports governments as demand anchors — policy reform plus financing 
for public cloud adoption, so that structured long-term commitments signal credible demand — 
while the Guarantee Platform covers the political risk of the private investment that demand is 
meant to crowd in, based on joint diagnostics across fifteen priority countries (World Bank 2026). 
And at the outer edge of the map, the advanced-market capital stack has begun to formalize: in 
2026, rating agencies assigned investment-grade ratings to GPU-backed financings for the first time, 
moving compute toward a rated, tradable credit category. None of that rated capacity prices 
MIC/LIC political risk — which is why its arrival widens, rather than narrows, the gap this paper is 
about. 

3.5 The shared evidence base — and what it says about pricing 

The ecosystem now shares an evidence base that measures the gap between the risk investors 
perceive and the losses insurers have actually paid. The GEMs Consortium — twenty-six MDBs and 
DFIs pooling default data since 2009, pushed into public disclosure by the G20’s capital adequacy 
review — shows average annual default rates on private lending in emerging markets of 3.56 
percent, comparable to B-rated corporates in advanced economies, with infrastructure below the 
portfolio average and sovereign recovery rates near 95 percent (GEMs Consortium 2025; World 
Bank 2024; Gregory 2024). Pooled GEMs statistics suggest that, at least for MDB/DFI portfolios, 
realized default and recovery performance in MIC/LIC infrastructure and private lending has been 
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better than many investors assume — implying that perceived risk in MIC/LIC digital infrastructure 
may be higher than warranted by historical performance, though GEMs does not yet disaggregate 
digital assets and records realized outcomes rather than ex ante pricing. 

Where the pooled data measure what was actually lost, the corporate finance literature examines 
what is charged — and finds the same distortion. Standard valuation practice for projects in these 
markets adds the full sovereign spread to the discount rate; Bekaert et al. (2016) show that this 
practice double-counts systematic risk and inflates the cost of capital by two to four percentage 
points relative to a political-risk-adjusted benchmark. That finding concerns equity discount rates for 
emerging-market projects generally, not digital infrastructure or insurance pricing specifically; its use 
here is an extension, on the argument that the same double-counting operates wherever the 
sovereign spread proxies for project risk.  

Realized-loss data and asset-pricing evidence converge on the same asymmetry. The book, in 
short, is mispriced at both ends, in opposite directions. The classic perils carry a price their own 
record contradicts; the genuinely novel perils carry a price nothing supports — loading, exclusion, 
and retreat standing where experience should be.  

It is the perception of risk, not its realization, that sets the cost of capital deciding where AI's 
physical complements get built. Perception yields only to evidence, and this section has offered two 
kinds: what was lost, and what is charged. Table 1 adds a third — what has been signed. Each 
transaction in it is a priced opinion: an institution with its own capital at stake underwriting, on 
disclosed terms and at tenor, the perils the market's pricing overweights — applied to the asset class 
this paper is about. Panel A reports the established instruments already holding AI-adjacent 
exposure; Panel B the new configurations forming around compute. Each layer of AI's digital 
foundations has been reached by at least one instrument — on signed and disclosed terms. The 
record is a book, not a monument: guarantees retire as investors exit, holders may cancel what the 
insurer cannot, and the durability of each contract is itself data. 
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Table 1. Selected de-risking transactions across AI's foundations, 2007–2026 

Layer Transaction (year) Institution Instruments Context Scale (public) 

Panel A — The ecosystem core: political risk and guarantee transactions 

Connectivity 
Safaricom, Ethiopia 
(2023) 

MIGA (WBG) EXP, WCD 
FCS; IDA PSW US$76m first 
loss 

10 yr; up to 
US$1bn 

Connectivity 
CamGSM “Cellcard,” 
Cambodia (2023) 

GuarantCo 
(PIDG) 

Local-currency 
credit 
guarantee 
(bond) 

Domestic institutional 
investors 

US$70m 

Compute 
Raxio data centers (2022 
master; 2026 signings) 

MIGA (WBG) EXP, T&C, WCD 
IDA-eligible: Uganda, 
Mozambique, Côte d’Ivoire 

≤15 yr; 
≤US$11.01m 
per guarantee 

DPI (Payments 
/ DFS) 

Airtel Mobile Commerce 
(2022; Tanzania added 
2024) 

MIGA (WBG) EXP, TR, WCD 
13 contracts across Sub-
Saharan Africa; covers The 
Rise Fund’s US$200m equity 

Up to 10 yr; 
up to 
US$180m 

Power 
Bujagali, Uganda (2007; 
2018 refi) 

WBG 
(MIGA/IFC) 

Partial risk + 
BoC 

IDA 
US$230m 
(115+115) 

Power 
Bhola-2, Bangladesh 
(2021) 

MIGA (WBG) 
EXP, T&C, WCD, 
BoC 

— 
20 yr; 
US$407m 

Multi-
infrastructure 

Côte d’Ivoire program 
(post-conflict) 

MIGA (WBG) 
PRI 
(mobilization) 

Post-conflict FCS 
US$698m → 
>US$2bn FDI 

Multi 
(digital/energy) 

Ukraine: SURE TF; DFC 
PRI incl. ARX war-risk 
reinsurance (2022–26) 

MIGA + DFC 
WCD-inclusive 
PRI; war-risk 
reinsurance 

Active conflict 

US$561m 
(MIGA); 
>US$500m 
(DFC) 

Panel B — New entrants and new configurations: debt, equity, and portfolio-mode structures 

Compute 
Raxio Group senior debt 
(2025) 

IFC (WBG) Senior debt 

Same platform as MIGA’s PRI 
cover — debt and insurance 
layered on one sponsor; IFC’s 
largest digital-infrastructure 
investment in Africa 

US$100m 

Compute 
Africa Data Centres 
(Cassava) loan (2021–22) 

DFC 
Senior debt 
(loan) 

South Africa, Kenya + region; 
framed under PGII 

Up to 
US$300m 

Compute / 
platform 

Cassava Technologies 
direct equity (2025) 

DFC 

Direct equity, 
co-invested 
with Google 
and Finnfund 

Pan-African platform; 
explicitly framed as strategic-
competition investment 

US$50m 

Power 
(compute-
relevant) 

AMEA Power portfolio 
framework (2026) 

MIGA (WBG) 

EXP, T&C, WCD, 
BoC — 
portfolio-based 
framework 

Up to 23 renewables + 
storage projects across 
Africa, Middle East, Central 
Asia; first two (Egypt) signed 

Framework up 
to US$1.48bn; 
first two 
>US$150m 

 

Sources: Institutional public disclosures — MIGA/World Bank Group Guarantee Platform project database and press 
releases (2007–2026); IFC, DFC, and GuarantCo/PIDG project disclosures and press releases (2021–2025). 

Notes: The set is illustrative rather than exhaustive. Acronyms used: EXP = expropriation; T&C/TR = transfer and 
convertibility restriction; WCD = war and civil disturbance; BoC = breach of contract; PRI = political risk insurance; DFS = 
digital financial services; PGII = Partnership for Global Infrastructure and Investment. 
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4. What the Record Shows 

Two patterns can be illustrated by a number of flagship transactions.  Although they cannot be 
empirically demonstrated with such a limited sample of cases,  two patterns run through the record 
included in Table 1. First, coverage composition tracks the risk environment: the transactions 
reaching conflict-affected and IDA markets are precisely those carrying war and civil disturbance or 
war-risk cover — the transaction-level expression of the 2022 IEG study's finding that war cover 
accounted for roughly three-quarters of political risk insurance in fragile settings. Second, no single 
balance sheet spans the stack: political risk insurance, senior debt, direct equity, and local-currency 
credit enhancement enter through different institutions.  

The capacity that reaches AI's foundations is an ecosystem property, not any one agency's product 
line. What follows reads that record layer by layer — and at every layer, it took more than one 
balance sheet to close. 

4.1 Power: where the playbook was written 

Power is where the de-risking playbook matured, and it is the complement on which networks and 
compute depend. Bujagali in Uganda — US$230 million of partial-risk and breach-of-contract 
coverage inside a US$798.6 million package — enabled what was then the largest private investment 
in the country’s history; the plant supplied roughly 45 percent of Uganda’s electricity at the time of 
the 2018 refinancing (World Bank Group 2018). Bhola-2 in Bangladesh carried the full four-risk 
bundle over a twenty-year tenor against a state utility’s off-take obligation (World Bank Group 
2021). A 2026 portfolio framework now applies the same architecture programmatically to 
renewables across eight markets. One asymmetry must be made explicit, because it determines 
which instruments port to AI: these power deals derive their bankability from coverage of a 
sovereign off-taker.  

Data center revenue is typically owed by private hyperscalers and enterprises, against which breach-
of-contract and non-honoring cover have no counterparty to attach to. For private off-take, the 
portable instruments are expropriation, transfer, and war and civil disturbance coverage; the 
sovereign-commitment instruments apply only where a government is itself the anchor customer — 
sovereign compute, government-anchored digital public infrastructure. The power book does, 
however, offer one directly portable private-offtake model: commercial-and-industrial energy 
guarantees, in which coverage backs an energy company selling power under long-term contract to 
remote, power-hungry private assets — telecommunications towers in the Democratic Republic of 
Congo, mining installations — sited beyond the grid. Data centers and edge compute share exactly 
that profile, and the C&I structure ports to energy-for-compute with little modification. 

4.2 Connectivity: two models 

Connectivity is financed at two ends, and the record covers both. Safaricom's entry into Ethiopia — 
among the largest single foreign direct investments ever made in that country (see Box 1) — reached 
financial viability only inside a multilateral political risk wrap, in a market classified as conflict-
affected (World Bank Group 2023). Half a world away and at a fraction of the ticket, GuarantCo's 
Cellcard guarantee mobilized Cambodian pension and insurance money, in local currency, into 
telecom expansion (GuarantCo 2023). The two transactions bracket the connectivity problem: hard-
currency political risk at the top of the market, local-currency credit risk at its base. AI deployment 
needs both ends financed. 
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Box 1. Safaricom Ethiopia: a layered de-risking stack in a fragile market 

In 2021, a Safaricom-led consortium — with Vodacom, Vodafone, Sumitomo Corporation, and British 
International Investment — won Ethiopia's first private telecommunications license, ending a state 
monopoly in a market of some 120 million people and committing to a nationwide greenfield build. 
In 2023, MIGA issued guarantees of up to US$1 billion to the consortium's shareholders — among 
the largest political risk packages ever written for a telecommunications investment — covering 
expropriation and war and civil disturbance for ten years, made viable by a US$76 million first-loss 
layer from the IDA Private Sector Window (World Bank Group 2023, 2024c). 

Three features carry the argument. In a market classified as fragile and conflict-affected, war and 
civil disturbance (WCD) was the binding instrument — the transaction-level expression of the IEG's 
finding that WCD accounted for roughly three-quarters of MIGA's FCS book in FY10–21 (IEG 2022). 
The stack is layered rather than substitutive: the multilateral cover added what annual commercial 
programs do not hold — a non-cancellable ten-year tenor, investor-level protection sized to the 
capital structure, cover for sovereign-conduct perils — while the PSW first loss addressed the pricing 
constraint. And the perils that materialized first after entry were macroeconomic and regulatory 
rather than kinetic: the risk that binds ex ante and the risk that bites ex post need not be the same. 

The structure has since become the reference point for frontier digital transactions: a demand-
committed sponsor, a multilateral wrap sized to the capital structure, concessional first loss where 
pricing alone will not close, and war cover doing the work the commercial market will not hold at 
tenor. 

 

4.3 Compute: the platform approach 

Compute is the newest asset in the record, and it required no new instrument to reach . MIGA's 
programmatic engagement with Raxio Group — a pan-African, carrier-neutral data center developer 
sponsored by the infrastructure investor Meridiam — put the classic instruments on the asset itself. 
A 2022 master contract structured expropriation, transfer, and war and civil disturbance coverage 
across seven markets — Uganda, Ethiopia, the Democratic Republic of Congo, Côte d'Ivoire, Angola, 
Mozambique, and Tanzania — with guarantees of up to US$11.01 million each and tenors to fifteen 
years (World Bank Group 2022b). The first contracts, in Uganda, Mozambique, and Côte d'Ivoire, 
extend roughly US$19.6 million of cover against some US$23 million of equity and quasi-equity, with 
IDA Private Sector Window first loss and IFC as senior lender. Two features make the transaction 
more than a first: the coverage attaches to shareholder loans treated as quasi-equity — the form 
much data center capital actually takes — and it protects a fixed, targetable asset against the 
deliberate targeting that commercial war exclusions leave uncovered. 

Compute is one of the stack's most demand-contingent assets. A power plant signs its off-taker 
before financial close; a data center earns little until workloads fill it — and unlike power or 
connectivity, a country can adopt AI without owning one, since workloads can be served from 
compute elsewhere. The WDR 2026 draws the consequence: local compute is a requirement of 
frontier ambition, not of adoption, and capacity built before there is energy to power it, or demand 
to fill it, risks standing stranded. The Raxio design prices the contingency in: colocation aggregates 
demand across tenants, and coverage commits market by market. Guarantees absorb the risks that 
deter capital; they do not manufacture the demand that repays it. 

4.4 DPI: the sovereign-anchored layer 

DPI inverts the exposure the rest of the stack carries. A data center fears what a government may 
do; a payments rail fears what a government may fail to do — the peril shifts from interference to 
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non-payment, from conduct to credit. At its purest — a government agency paying per identity 
verification or per gigabyte hosted — the exposure reduces to the payment obligation alone, and the 
relevant instruments are the power sector's: breach-of-contract and non-honoring coverage, built 
over thirty years for the sovereign off-taker, attach wherever a government is the anchor customer 
of a privately operated rail. The record's entry in Table 1 at this layer is not that pure case, but its 
private-rail neighbor. Airtel Mobile Commerce, having signed MIGA coverage across thirteen 
contracts, is a licensed, authorized, and supervised business in every market it touches, and the 
coverage composition says so: expropriation, transfer restriction, and war and civil disturbance 
(World Bank Group 2022c, 2024d). The instruments chosen are themselves a reading of the risk 
perceived: where the rail is private and licensed, the exposure is still government conduct; only as 
sovereign demand anchors the revenue does it migrate toward off-take. 

The layer's core — foundational identity systems, government data platforms — is typically 
financed concessionally, as a public good through IDA credits and grants.  Guarantees enter one 
step out, where private operators build and run the rails on which those systems transact. That step 
is also where coverage conditionality carries its greatest weight: open-architecture, interoperability, 
and consent-based data-sharing conditions bind exactly where the guarantor stands between a 
government anchor and a private operator. The pattern holds across guarantors. Bilateral and local-
currency issuers cover privately operated payments and lending platforms, and their transactions 
are disclosed. Export credit agencies finance government-procured identity systems, but report 
them only inside broad sectoral categories.  

4.5 Reading the record: an evolving book 

The record reads as a trajectory, not a catalog, and the body of evidence they form is a digital de-
risking book: the subset of the ecosystem's portfolios — multilateral, regional, bilateral, local, and 
private — written against digital-sector assets.  

Unreported as a category, the book can nonetheless be read for its direction. It began where the 
power book began: license and expropriation risk on fixed assets. It is now acquiring the power 
book's second act — sovereign off-take exposure, as governments become paying anchor customers 
of digital systems. And it is acquiring a third act the power book never fully faced: deliberate 
wartime targeting, which makes war and civil disturbance coverage — the instrument already 
dominant in fragile settings — the pivotal cover for AI-era infrastructure. 

The relevant question is no longer whether de-risking mechanisms exist for AI’s complements. It is 
whether institutions whose instruments, pricing, and experience were formed on license and 
expropriation risk can adapt their underwriting as quickly as the exposure is migrating toward 
conflict and whether they can hold coverage across the full conflict cycle, from reconstruction to 
active war.  

That is where the record in Box 2 shows the ecosystem already being tested. 
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Box 2. Investment guarantees across the conflict cycle: Côte d’Ivoire and Ukraine 

AI-related infrastructure carries the sunk, long-lived, location-bound profile most exposed to political risk 

and its facilities have become targets in armed conflict.  

An independent evaluation found that in fragile and conflict-affected situations, war and civil disturbance 

coverage accounted for roughly three-quarters of MIGA’s political risk insurance in FY10–21 — the clearest 

single statistic for where multilateral cover concentrates on the peril commercial markets are least willing to 

hold at long tenor and in scale (IEG 2022). 

Côte d’Ivoire after its civil conflict shows mobilization at the hardest moment: US$698 million of coverage 

helped re-open the door to more than US$2 billion of foreign direct investment (World Bank Group 2022a). 

Ukraine shows it during active war — and shows the ecosystem operating as one. MIGA’s SURE Trust Fund 

had channeled US$561 million in war-inclusive guarantees by 2026 (World Bank Group 2024a, 2024b); DFC 

layered its own political risk insurance above US$500 million of exposure, including the ARX facility that lets 

a Ukrainian insurer write war cover domestically (DFC 2024); and the 2026 DFC–MIGA framework for the 

Reconstruction Investment Fund extends the model to ICT and infrastructure reconstruction (DFC and MIGA 

2026). 

Ukraine’s example demonstrates that when digital infrastructure was deliberately targeted, commercial 

insurers invoked their war exclusions and withdrew just when cover mattered most, and public de-risking 

institutions — multilateral and bilateral, layering their instruments jointly — became the channel through 

which investment continued. 

 

The conflict-cycle record returns a provisional answer to the question raised: there is proven 
capability, but capacity is still contingent on institutional design.  Indeed, the instruments held at 
both of the cycle's hardest points: coverage re-opened investment after war in Côte d'Ivoire and 
stayed on risk through active war in Ukraine after commercial insurers had invoked their exclusions. 
What the record cannot yet show is the magnitude and the replicability of this effort. An ecosystem 
that can underwrite conflict when it must has not yet shown it can do so at the scale, speed, and 
price that AI-era infrastructure will demand.  

5. Why AI Raises the Stakes 

AI's most cited development applications — credit scoring, government services, agricultural 
advisory, health diagnostics, tutoring — share one architecture: each stands on foundational 
systems that are thinnest, or least developed, exactly where the need for them is strongest. Credit 
scoring presumes verified digital identity; government services presume interoperable data 
platforms; advisory tools presume payment rails that can reach and charge users. In the WDR 2004's 
terms, these foundations fail people in the same three dimensions basic services do: access, when 
the infrastructure is never built; quality, when it is unreliable, insecure, or targeted; and 
affordability, when the device, the data plan, and the service fee price out the users with the most to 
gain (World Bank 2003).  

Financing the digital foundations of AI is ensuring that AI tool delivery won’t fail.  The WDR 2004 
documented service failure by measuring absence: unannounced visits found teachers missing from 
roughly a fifth to a third of classrooms on any given day, and health workers from more (World Bank 
2003). The AI era's failure is also an absence — but of infrastructure rather than personnel, and it is 
harder to photograph. A cotton farmer in the Sahel with a smartphone already "has" the advisory 
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tool that could raise his yields: the model exists, the app is free, it speaks his language. What is 
missing is everything beneath it — a data center that could serve his region at usable latency, a 
network that is not a generation behind the capital's, a payment rail that could charge or pay him in 
small amounts, a credential that would let his transactions accumulate into a credit history. The 
teacher of 2004 was absent from a classroom that existed; the foundations of the AI era are absent 
because the buildings, towers, and rails were never financed. Capital mobilization is therefore a 
service-delivery question, not only a financial one. 

The financing need behind these absences is quantifiable, and it is growing on AI's schedule:  IEA 
scenarios have global data-center electricity consumption roughly doubling by 2030, from about 415 
TWh to on the order of 945 TWh, with AI workloads a major contributor (IEA 2025). For MIC/LICs, 
that demand does not arrive at the model layer — it arrives at the foundations. The WDR 2026's 
Adopt–Adapt–Advance framework places most of these countries on the Adopt and Adapt paths, 
where what binds is not access to frontier models but connectivity, electricity, payments, and — for 
Adapt — regional compute with reliable cross-border access. Every one of those constraints resolves 
into the same kind of asset: sunk, long-lived, location-bound, and carrying the risk profile private 
capital will not price alone.  

Who de-risks the compute matters as much as whether it is built. When a single foreign power 
finances a country's compute, access can come with strings attached — political, commercial, or 
technological. Compute backed by multilateral guarantees, with coverage terms that require open 
and interoperable systems, gives countries a way to build capacity without tying it to any one 
provider or patron. 

6. What Must Change 

6.1 Underwrite the asset that AI actually uses 

Standard country-sector models capture general political risk; they do not yet capture digital 
regulatory stability as a distinct dimension, nor the kinetic exposure of compute. Five 
modifications are concrete enough to name. First, war and civil disturbance coverage must be 
adapted to a partly relocatable asset: a data center’s workloads can fail over to other facilities in 
ways a dam’s output cannot, so underwriting should separate physical loss from business 
interruption and permanent loss of use, and price workload portability rather than assume total loss. 
Second, tenor must track the asset’s split life: a fifteen-to-twenty-year shell and power plant 
wrapped around a three-to-five-year compute layer. Third, the off-take counterparty must be 
classified explicitly — private hyperscaler versus sovereign anchor — because it determines which 
half of the instrument set applies — breach-of-contract and non-honoring coverage against a 
sovereign anchor; the expropriation, transfer, and war set against a private one. Fourth, the kinetic–
cyber boundary must be resolved at contract level: whether physical damage to computer systems 
caused by an act of war falls inside war coverage or outside it as excluded cyber loss is precisely the 
ambiguity the March 2026 Gulf strikes exposed (CSIS 2026), and standard templates do not yet settle 
it. Finally, fifth — and most fundamental — pricing itself must confront non-stationarity.  

Political risk underwriting is actuarial: frameworks price the future from decades of claims 
experience. But the perils this paper documents — weaponized regulation, drone strikes on cloud 
facilities, climate catastrophe on thermally fragile assets — have thin or absent histories, and a track 
record built in one regime may misprice the next. The evidence is asymmetric: pooled data robustly 
challenge the pricing of classic emerging-market credit risk, whereas for kinetic and catastrophic 
exposures the evidence base is still thin and forward-looking — so any conclusion about under-
pricing is necessarily more conjectural than the finding on over-pricing.  
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That perception gap has a diffusion theory pedigree: in mobile telephony, uncertainty aversion 
produced a measurable cognitive distortion in perceived affordability, and adoption followed the 
perception rather than the price (Dahan 2015).  

Political risk pricing exhibits the same structure on the capital-supply side — which is why 
guarantees work not by changing the risk but by narrowing the wedge between perceived and 
experienced risk. Holding both is the discipline — use pooled data to correct the perception gap on 
the classic risks, and treat kinetic and catastrophic exposure as a regime change that experience 
cannot yet price. 

6.2 Make coverage an accountability instrument 

Guarantee conditionality is usually defended as efficiency. Its deeper rationale comes from the 
WDR 2004’s accountability triangle — citizens, the state, providers — and its finding that services fail 
where both the “long route” (citizens discipline the state, the state disciplines providers) and the 
“short route” (clients discipline providers directly) are weak, with the client typically the weakest 
node (World Bank 2003). Digital infrastructure in fragile settings is a textbook broken long route: the 
user of an AI-enabled service has little political leverage over her government and none over a 
foreign-owned platform. A guarantee inserts a fourth actor into the triangle. When coverage terms 
require open architecture, interoperability, consent-based data sharing, and independent redress — 
the conditions of the World Bank Group’s digital public infrastructure approach (Clark et al. 2025) — 
the guarantor exercises, on the user’s behalf, the short-route discipline she cannot exercise alone, 
and holds that leverage at renegotiation, distress, and pre-claim, when it binds most. The WDR 
2004’s most famous success illustrates the mechanism: when expenditure tracking in Uganda 
revealed how little of the education grant reached schools, publishing the transfers — information, 
not enforcement — reversed most of the leakage (World Bank 2003). Transparency conditions on 
platform governance can, in principle, replicate that mechanism at the infrastructure layer, though 
systematic evidence on guarantees as accountability instruments in digital infrastructure is still 
limited.  

The guarantee is an accountability instrument, not only a risk-transfer one — and conditionality is 
part of its development case, not a rider on it. 

6.3 Build capacity where the risk sits 

Institutions take risks they can measure; they ration the risks they cannot. That decision rule 
makes the cheapest intervention in this agenda also the first: make the digital de-risking book 
measurable. Neither the Berne Union’s sectoral reporting nor the GEMs database yet breaks out 
digital infrastructure as a category — digital assets sit embedded in broader sector buckets rather 
than being identified separately (UNCTAD and Berne Union 2025; GEMs Consortium 2025) — so the 
asset class remains under-covered in part because it remains unmeasured — its perceived risk 
uncorrected by pooled experience. What public disclosure of GEMs did for emerging-market credit 
generally, a digital breakout — pooled exposure, claims, and loss experience across the ecosystem 
— would do for compute and connectivity. 

Scaling is an ecosystem project. It means reinsurance and co-insurance that pull the US$495 billion 
private CPRI market in behind public first loss, on the DFC–ARX and DFC–MIGA models (BPL Global 
2025; DFC 2024; DFC and MIGA 2026). It means recapitalizing the regional layer — the AfDB’s 
US$125 million equity injection into ATIDI is the template — so that Africa’s conflict-exposure risk is 
increasingly held on African multilateral balance sheets (AfDB 2026). It means replicating the 
localized-guarantor model (InfraCredit, InfraZamin, Dhamana) for digital assets, so that domestic 
pension capital can finance towers and edge facilities in local currency (PIDG 2025). The same logic 
extends to devices. Pay-as-you-go device financing carries the same risks as off-grid solar lending — 
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small recurring payments, rural borrowers, defaults that spike with bad harvests — and the credit 
instruments built for off-grid energy work for it with little change. Building digital assets into those 
instruments now is cheaper than adapting them later, once the gap has already widened. 

As war and civil disturbance cover moves to the center of the digital de-risking book, the binding 
institutional capacity shifts downstream — from underwriting to claims management, pre-claim 
engagement, and recovery, where caseloads are already building industry-wide (Berne Union 2025). 
Pre-claim work and recovery are, moreover, relationship businesses: conducted with host 
governments, dependent on early warning and standing access. These are capabilities that presence 
builds and distance erodes. Conflict-era coverage scales safely only alongside this downstream 
capacity, including people in the field and near the risk; the guarantee and the ability to service it are 
inseparable. 

6.4 The limits: where guarantees are not the answer 

Guarantees move capital where insurable risk is the binding constraint — where a project would 
proceed but for perils an underwriter can hold. Where the binding constraint is something else — 
absent demand, unreliable energy, missing skills, an unbankable counterparty — a guarantee 
changes the price of capital that still has no reason to arrive.  

The claim of this paper holds for a class of markets, not a map of the world . It is best stated as a 
classification:  

• Where a sovereign anchors the demand — sovereign compute, government-anchored DPI — 
the full instrument set applies and insurable political risk is often the decisive constraint: the 
toolkit is directly bankable. Portfolio-mode frameworks make the point concretely: coverage 
terms negotiated once — open architecture, interoperability, consent-based data sharing — 
can attach across an entire origination program rather than deal by deal, joining this 
instrument set to coverage conditionality at the scale on which sovereign digital agendas 
actually run.  

• Where private demand is adequate and the enabling environment functions, coverage 
narrows to expropriation, transfer, and war risk, and guarantees move investment only at 
the margin.  

• Where generation capacity, regulatory administration, or skills are absent, the binding 
constraint lies outside anything a guarantee can address.  

The claim that de-risking is one of the more tractable levers therefore holds with different force in 
each setting: strongly where a sovereign anchors the demand, conditionally where private demand 
suffices and coverage narrows to the classic perils, and weakly where the complements themselves 
are missing — for there, the binding levers are generation capacity, regulatory capability, and skills. 
Treating these three settings as one overstates what any balance sheet can deliver. And the 
distinction is not academic: the clinical officer in Uganda works, more often than not, in the third 
setting — a market where the missing complements, not their insurable risks, stand between her 
and the AI tool she needs to use. That is why this paper's argument is offered as necessary where 
insurable risk binds, and never as sufficient. 

7. Conclusion 

This paper asked whether the foundations of AI — power, connectivity, compute, and digital 
public infrastructure — will be financed where the development need is highest, or only where 
perceived risks are lowest. Three findings organize the answer. 

First, the constraint is financial before it is technical, and perceptual before it is financial.  AI’s 
complements carry the risk profile long identified as most exposed to government conduct — sunk, 
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long-lived, location-bound — now extended by kinetic targeting and climate stress that commercial 
insurers answer with exclusion and withdrawal. The evidence assembled here shows the resulting 
book mispriced at both ends: classic perils priced against a pooled record that says they cost less, 
novel perils priced against no record at all. It is the perception of risk, not its realization, that sets the 
cost of capital deciding where AI’s foundations get built — which is why, wherever insurable risk is 
the binding constraint, the institutions that reprice and underwrite risk hold the pen on AI’s 
geography. 

Second, the machinery to act on that evidence exists, and the record shows it working.  An 
ecosystem ninety years in the making — the US$100 billion multilateral platform at its center, 
regional insurers recapitalized by regional banks, bilateral agencies acquiring explicit AI mandates, 
local-currency guarantors unlocking domestic capital, a private market of half a trillion dollars behind 
them — has reached every layer of the stack with at least one instrument, on signed and disclosed 
terms, and required no new instrument to do it. The book it is writing reads as a trajectory: license 
risk first, sovereign off-take next, and now deliberate wartime targeting — a third act the power 
book never faced, which the conflict-cycle cases show the ecosystem meeting case by case. 
Capability is proven; capacity is not. Whether coverage can be held at the scale, speed, and price AI-
era infrastructure will demand is a question of institutional design, and the design margins are 
named: underwriting adapted to the asset AI actually uses, coverage terms that carry accountability, 
servicing capacity near the risk, and — cheapest and first — a digital breakout in pooled reporting, so 
that the book can be measured and its perceived risk corrected the way pooled disclosure corrected 
the classic perils. 

Third, the argument has limits that are part of an evolving story.  Guarantees decide outcomes 
where a sovereign anchors demand; they work at the margin where private demand suffices; they 
answer nothing where the complements themselves are missing — the setting where the clinical 
officer of the opening pages most often works, and the reason this paper’s claim is offered as 
necessary where insurable risk binds, albeit not sufficient. Return, finally, to the clinical officer in 
Uganda, whose story opened this paper. The AI tool she cannot yet use waits on nothing exotic: on 
the grid that powers her clinic and on a data center that could serve her region at usable latency. 
Both, as it happens, already carry the ecosystem’s signature in her own country — Bujagali on the 
power side, Raxio Kampala on the compute side — each assembled from instruments decades old, 
on disclosed terms, at tenor. What stands between her and the AI tool is not the absence of 
machinery to de-risk the foundations beneath it; it is whether that machinery can deliver at the 
scale, speed, and price her country needs. 
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